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ROBOT AND ATTITUDE CONTROL METHOD
OF ROBOT

BACKGROUND OF THE INVENTION

1. Field of the Invention

This invention relates to a robot having a plurality of mov-
able sections such as legs and a method of controlling the
attitude of such a robot. More particularly, the present inven-
tion relates to a robot that autonomously maintains the stabil-
ity of its attitude according to a predetermined stability crite-
ria and a method of controlling the attitude of such a robot.

To be more specific, this invention relates to a robot that
controls the stability of the attitude of its body without using
a ZMP (zero moment point) as stability criteria and a method
of controlling the attitude of such a robot. More particularly,
it relates to a robot that controls the stability of the attitude of
its body by paying attention to periodic motions of the mov-
ing parts thereof and a method of controlling the attitude of
such a robot.

This application claims priority of Japanese Patent Appli-
cation No. 2003-300521, filed on Aug. 25, 2003, and Japa-
nese Patent Application No. 2004-234022, filed on Aug. 11,
2004, the entireties of which are incorporated by reference
herein.

2. Description of the Related Art

A machine device adapted to move in a manner resembling
to motions of human being by means of electric and/or mag-
netic operations is referred to as “robot”. It is said that the
word “robot” derives from a Slavic word “ROBOTA (slave
machine)”.

In Japan, robots started to become popular in the late
1960s, although many of them were industrial robots such as
manipulators and transfer robots installed for the purpose of
automating productive operations of factories and saving man
power. Research and development efforts have been paid in
recent years on mobile robots that are equipped with movable
legs and adapted to work on legs. Expectations are high for
such mobile robots in practical applications. Two-legged
mobile robots modeled after human motions are referred to
humanoid robots.

While two-legged robots that are based on human’s biped
locomotion are accompanied by problems of instability and
difficulty of attitude control and walk control if compared
with crawler type robots and four-legged or six-legged robots,
they provide advantages including that they can adapt them-
selves to unleveled ground, walking surfaces with obstacles
and undulations on the way and discontinued walling surfaces
such as staircases and ladder to be stepped up and down so
that they can move in a flexible manner.

Numerous techniques have already been proposed with
regard to attitude control and stable walking of two-legged
mobile robots. Stable “walking” as used herein is defined as
“moving by using legs without stumbling and falling”. When
the body of a robot stumbles and falls, it means that the
ongoing operation of the robot is suspended and that consid-
erable power and time need to be spent for the robot to stand
up from the failing state and resume its operation. Addition-
ally, when the robot stumbles and falls, there arises a risk that
the robot itself and/or the object that the falling robot collides
with can be fatally damaged. Thus, the attitude/stability con-
trol of robots for avoiding stumbling and falling is one of the
priority issues when developing two-legged mobile robots.

The standing posture of a robot that is based on human’s
biped locomotion is unstable as basic attitude. A ZMP (zero
moment point) is often used as a criteria for the stability of
walking of a two-legged mobile robot. The evaluation of the
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stability of walking using a ZMP is based on d’ Alembert’s
principle that the gravity and the inertial force exerted by a
walking system on the floor surface and their moments are
balanced respectively by the reaction force of the floor
exerted by the floor surface to the walking system and its
moment. As a consequence of reasoning in the framework of
dynamics, there exists a point where both the pitch axis
moment and the roll axis moment are equal to zero, or a ZMP,
on one of the sides of the supporting polygon (or the ZMP-
stable region) formed by the contact points of the soles rela-
tive to the floor and the floor surface or in the inside thereof
(see, inter alia, Non-Patent Reference Document 1).

Generation of a bipedal walk pattern on the basis of the
ZMP criteria provides advantages including that it is possible
to define a sole landing point in advance and that it is easy to
consider kinetic constraints for the tips of the feet correspond-
ing to the profile of the floor surface. Additionally, using a
ZMP for the evaluation of stability means that it is not force
but a trajectory of motion that is handled as target for con-
trolling the motion and hence it is technically more feasible.

Target ZMP control has been successful on real robots
when motions are planned so as to achieve dynamic balance
at each and every moment. The motion generation technique
using a ZMP as stability criteria can realize stable bipedal
walking and hence is a proven technique. On the other hand,
in an aspect, stability control on the basis of a ZMP is con-
stantly being restricted by a single equation and hence it is
necessary to accurately model the robot itself and the envi-
ronment in order to plan a trajectory of motion according to
the ZMP criteria and constantly make the plan match the
environment model to realize a robot motion by means of a
high precision trajectory tracking control system. In other
words, stability control on that basis of a ZMP is accompa-
nied by a problem of adaptability to unknown environment.
The operation of solving the ZMP equation entails arelatively
heavy calculation cost and hence difficulties in real time
control situations.

Satistying the ZMP equation is a sufficient condition and
not a necessary condition for attitude stability control of
robot. It will be appreciated that human walk is not necessar-
ily always maximizing the ZMP stability margin.

On the other hand, man walks humanly with the biological
mechanism he has, appropriately utilizing the passive dynam-
ics of the limbs without relying on a ZMP. If a robot can
smartly utilize the passive dynamics, it may be possible to
realize a walking motion with a high energy conversion effi-
ciency, requiring neither an exquisitely designed model (and
hence a heavy calculation cost of computing operations) nor
a large drive torque of actuators.

For example, it is possible to take a walking motion for a
periodic motion and at least part of each movable section of a
robot for a physical oscillator. Then, it will be possible to
control the walking motion of robot by determining or con-
trolling the phase and the frequency of oscillation of the
oscillator. When such a periodic motion continues, it may be
taken for “a stable walk”. If there is a moment in a period
when the dynamic balance and hence the stability are lost
(according to the ZMP theory), it is possible to continue the
walking motion so long as the stable limit cycle is restored by
repeating the period. Furthermore, if the stable limit cycle is
not restored in a period, the motion can be continued so long
as the motion is converged to a constant periodic motion
within a realistic period of time.

If stability is defined as such by paying attention to the
walking motion of robot, it will be possible to realize “com-
prehensive stability” because a steady state is restored within
several periods if the robot is exposed to an unknown external
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disturbance. Then, as a result, neither a precise model nor a
precise trajectory tracking control is required. Additionally,
the gain of the actuator can be reduced to make it possible to
reduce the cost and improve the stability with a small gain.
(Differently stated, if a precise model and a precise trajectory
tracking control are required, the cost will rise due to the large
gain and the precision). Furthermore, from the viewpoint of
comprehensive, the robot is allowed to go out of a stable
region. Then, walk and other leg motions (attitudes) can be
realized in a variety of modes to raise the expression potential
of'the robot and improve the adaptability to the environment.

Walking techniques of legged mobile robot that pay atten-
tion to the periodicity of walking motion include biologically
inspired adaptive dynamic walking of a quadruped robot on
irregular terrain (see, inter alia, Non-Patent Reference Docu-
ment 2) and the relationship between rhythm resetting against
an external disturbance and dynamic stability of walk in a
bipedal walking motion of man (see, inter alia, Non-Patent
Reference Document 3).

According to the former document, an adaptive motion is
creatively generated through interaction of a dynamic system
formed by coupling a machine system and a nervous system
on the basis of unique non-linear dynamics and the environ-
ment. However, the former document says that phase and
frequency are entrained by a nonlinear differential equation
(Matsuoka Oscillator) to reveal that it is not possible to obtain
an analytic solution for the phase of the physical oscillator
and hence mathematically design the system. In short, it is not
possible to get to any specific design theory.

According to the latter document, it is possible to math-
ematically analyze the relationship between the trajectory of
motion that involves phase resetting and dynamic stability by
using a dynamics type model for a bipedal walking motion.
However, it only describes regulation of the phase of the
physical oscillator by way of an open loop immediately after
a known external disturbance and lacks any feedback from
the physical system and hence adaptability to unknown states
and external disturbances.

[Non-Patent Reference Document 1] Miomir Vukobra-
tovic, “LEGGED LOCOMOTION ROBOTS”, (Ichiro Kato
etal., “A Walking Robot and Artificial Feet”, (Nikkan Kogyo
Shinbun, Ltd.).

[Non-Patent Reference Document 2] Fukuoka et al., “Bio-
logically Inspired Adaptive Dynamic Walking of a Quadru-
ped on Irregular Terrain—Proposal of the Design of Coupled
Neuro-Mechanical System and Evaluation of the Mutual
Entrainment among Pitch Motion, CPG and Rolling Motion”,
(Journal of Robotics Society in Japan, Vol. 21, No. 5, July
2003).

[Non-Patent Reference Document 3] Yamazaki et al., “The
Relationship between Rhythm Resetting against an External
Disturbance and Dynamic Stability of a Bipedal Walking
Motion of Man”, (Technical Report of IEICE, The Institute of
Electronics, Information and Communication Engineers).

SUMMARY OF THE INVENTION

In view of the above-identified circumstances, it is there-
fore an object of the present invention to provide a superior
robot that can autonomously maintain the stability of'its atti-
tude according to a given stability criteria and a method of
controlling the attitude of such a robot.

Another object of the present invention is to provide a
superior robot that can control the stability of the attitude of
its body without using a ZMP (zero moment point) as stability
criteria and a method of controlling the attitude of such a
robot.
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Still another object of the invention is to provide a superior
robot that controls the stability of the attitude of its body by
paying attention to periodic motions of the moving parts
thereof and a method of controlling the attitude of such a
robot.

A further object of the invention is to provide a superior
robotadapted to control its movable sections by taking at least
part of each movable section for a physical oscillator and
generating a mathematically tractable phase and adaptively
deal with any unknown disturbance and a method of control-
ling the attitude of such a robot.

The present invention is made to achieve the above objects.
In an aspect of the invention, there is provided a robot having
aplurality of movable sections, the robot comprising: a phase
signal generating means for generating a phase signal relating
to a periodic motion of at least part of the movable sections; a
control means for generating a control signal for the movable
sections according to the phase signal; a drive means for
driving the movable sections according to the control signal;
a state quantity detecting means for detecting the state quan-
tities of the movable sections driven by the drive means; and
an estimation means for estimating the phase or the angular
frequency of the periodic motion of the movable sections
according to the state quantities; the phase signal generating
means being adapted to update the phase signal according to
the phase or the angular frequency estimated by the estima-
tion means.

The control means includes a plurality of controllers hav-
ing different control rules and selects an appropriate control-
ler according to the phase signal and the selected controller
generates a control signal for the movable sections according
to the phase signal.

Thus, with a robot according to the invention, the motion of
the movable sections is taken for a periodic motion so that the
attitude of the robot can be stably controlled in a broad sense
of'the word by regulating the transfer of the movable sections.
More specifically, one or more than one phase generators are
used for the robot system and one of the plurality of control-
lers is selected depending on the generated phase. Then, the
controller controls the drive of the movable sections accord-
ing to continuous phase information. Additionally, the actual
phase is estimated from the physical system and the fre-
quency and the phase of the phase generator are regulated by
using the estimated value, while the physical phase and the
phase generator of the robot system are subjected to mutual
entrainment so that consequently it is possible to control the
motion of the robot by effectively using the dynamics of the
robot.

FIG. 1 schematically and conceptually illustrates the con-
figuration of the attitude stability control mechanism of a
robot according to the invention. With the robot the motion of
the movable sections is taken for a periodic motion and walk
and other motions of the movable sections are described in
terms of phase.

One or more than one phase generators are defined for each
physical system of the robot system. A plurality of controllers
with different control rules are provided so that an appropriate
controller is selected depending on the phase output of the
robot system.

Then, the selected controller controls the drive of the mov-
able sections of the robot according to the continuous phase
information ® supplied from the phase generator.

Sensors are provided on the robot system to detect the state
quantities of the movable sections when the movable sections
are driven. The phase estimator estimates the angular fre-
quency o and the phase @ that are realized according to the
information from the sensors.
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Then, the phase generator regulates the phase and the fre-
quency of the periodic motion of the movable sections
according to the phase and the angular frequency of the
motion that are estimated by the phase estimator.

Conventionally, when a walking motion is taken for a peri-
odic motion, a periodic signal is generated by a neural oscil-
lator or the like and the actuators are controlled by using the
periodic signal. Then, entrainment is made to take place by
causing the periodic signal on the walking motion being
observed and the neural oscillator to interfere with each other
to realize a stable walking motion (see, inter alia, Non-Patent
Reference Document 2).

To the contrary, according to the present invention, while a
waling motion is also taken for a periodic motion, an ampli-
tude signal is not generated by using a neural oscillator or the
like but as a control output that is obtained from a phase signal
generated by a phase generator. With this arrangement, it is
possible to facilitate the design operation particularly in terms
of entrainment control and obtaining a broad stability region.

The phase signal is typically adjusted by the following
updating rule.

WO=Wo+A®

O=Po+Ad

In the above formula, Aw and A® are estimated values of
phase errors of the phase estimator and the phase generator on
a motion obtained by observing the motion. The phase of the
motion can be estimated from the robot sensors. More spe-
cifically, in the case of a walking motion, the phase can be
estimated from the touch down time of the sole switch (or the
touch down confirming sensor) and the period of the motion.
In the case of a motion of arms from which a coordinated
periodic motion of the entire body can be predicted on the
basis of the time when the contact switch of a finger tip
touches an object and the time elapsed since the start of the
motion, the phase can be estimated from the time when a
similar joint motion starts and the period of the motion.

Then, an input signal (control output) U for the movable
sections of the robot is obtained by using an appropriate
transformation of the phase signal @ generated by the phase
signal generating means.

U=fe)

If the phase and the angular frequency that are estimated
from the vector V of the observation signal are respectively
@0 and w0, an estimated value of phase error can be obtained
from the formula below (an estimation method of comparing
the control output U and the observation vector V or an
estimation method of estimating directly from ® and V or ®0
and U or U, V and ® may be conceivable as modification to
the above method).

Ap=¢o'¢

[formula 1]

[formula 2]

A=y [formula 3]

A technique of gradually changing the phase or manipu-
lating the phase by means of dynamics may be conceivable in
order to guarantee a smooth motion. For example, a technique
of using the formulas below may be conceivable.

[formula 4]
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-continued
$=¢o+x

[formula 5]

w=wy+y

When a sharp phase change is predictable (e.g., as a result
of stumbling during the walk), a technique of manipulating
the input signal (control output) U to the movable sections of
the robot by using a dynamical system may be conceivable.
For example, a smooth motion can be realized by using the
formula below. (A technique of smoothly changing the phase
is suited for a walk that ends with several steps such as a walk
on a slope. On the other hand, the phase has to be changed
sharply and the control basis itself has to be switched for a
motion such as a stumbling motion that needs to be responded
quickly. The controller guarantees a smooth motion in such a
case.)

[formula 6]

dz
Y= -z+ f($)

d
U=z

Many of the conventional control methods in which the
motion of the movable sections of the robot is taken for a
periodic motion describe the target trajectory of motion by
using time as parameter. To the contrary, the target trajectory
is described by using phase ®.

Additionally, according to the invention, one or more than
one phase generators are defined for a single robot system.
While the configuration of the phase generators is not sub-
jected to any specific limitations, it is desirable from the
design point of view that an analytic solution is obtained for
behavior by phase resetting. The phase generator is the
machine body itself of the robot. However, the phase genera-
tor allows arbitrariness. For instance, the machine body of the
robot may be regarded as a phase generator. Or, it may be so
regarded that a phase generator is provided for each degree of
freedom of each joint (as will be described hereinafter).

Still additionally, according to the invention, an appropri-
ate controller is selected depending on the phase output @
from the robot system. For example, as shown in the table
blow, the phase of the robot system is determined according to
the state of the legs and a controller is provided for each
possible state. If two or more than two controllers are based
onthe same PD control method, they are made to use different
control parameters (e.g., different gain values).

TABLE 1
Phase @ State of legs Controller
0<d<m Supporting leg Position control
n<®d<2m Swing leg Impedance control

The selected controller controls the movable sections
according to continuous phase information ®. When amotion
is described in terms of a dynamical system, the controller can
guarantee a smooth motion if a sharp phase change takes
place.

FIG. 2 schematically illustrates a mechanism for appropri-
ately selecting a controller according to phase information @
when a two-legged mobile robot makes a walking motion,
using the left and right legs as supporting leg and swing leg
alternately in a switched manner.
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In the illustrated instance, there are provided a controller
for controlling a swing leg lifting motion according to phase
information @ (swing controller), a controller for controlling
a ground touching motion of the swing leg according to phase
information @ (touch down controller), a controller for con-
trolling a motion of supporting the robot on the two legs
according to phase information ® (double support controller)
and a controller for controlling a motion of supporting the
roboton a single leg according to phase information ® (single
support controller).

The phase generator generates phase @ at the current time
in a walking motion. Then, a controller is selected according
to the phase ® and phase information @ is supplied to the
selected controller.

The controller generates a control output U for the movable
sections of the robot according to the supplied phase infor-
mation ®. The movable sections of the robot are driven for a
walking motion according to the controller quantity U.

During the walking motion, the output values of the sen-
sors for the angles, the angular velocities, the angular accel-
erations and so on of the joints in the movable sections are
acquired and input to the phase estimator. The phase estima-
tor estimates the phase and the angular frequency in the
periodic motion according to the sensor output values, or the
state quantities of the movable sections and supplies them to
the phase generator.

The phase generator updates the phase signal ® and regu-
lates the phase of the periodic motion of the robot system
according to the phase and the angular frequency that are
estimated by the phase estimator.

The degree of freedom of joint of each of the movable
sections of the robot is not smaller than 1. Then, the state
quantity detecting means detects the joint angle and the joint
angular velocity as state quantities. Then, the estimation
means can estimate the phase or the frequency ofthe periodic
motion of each of the joint according to the joint angle and the
joint angular velocity.

As a most simple example, assume that the phase is output
as joint angle. Then, a sinusoidal wave chart is obtained in a
graph where the horizontal axis indicates time T and the
vertical axis indicates the joint angle 6 (see FIG. 3). A phase
diagram of a unit circuit is obtained in a graph where the
horizontal axis indicates the joint angle and the vertical axis
indicates the joint angular velocity. Then, the rotary angle (the
angle formed by the straight line connecting a point on the
unit circuit and the origin and the horizontal axis) ® at a given
time is the phase of the periodic motion (see FIG. 4).

A plurality of movable legs may be provided as movable
sections. If such is the case, the state quantity detecting means
detects the reaction force that each of the soles of the movable
legs receives from the floor as state quantity. Then, the esti-
mation means can estimate the phase or the angular frequency
according the reaction force of the floor for the sole of each of
the movable legs. For example, it can determine the single leg
supporting period of either the left leg or the right leg and the
double leg supporting period on the basis of the reaction force
of the floor. Then, it can estimate the outcome of the deter-
mination on the supporting leg(s) as phase @ in the walking
motion.

As pointed out above, the robot may be provided with a
plurality of movable legs as movable sections. If such is the
case, the state quantity detecting means may detect the reac-
tion force that each of the soles of the movable legs receives
from the floor as state quantity. Then, the estimation means
may estimate the phase or the angular frequency of the peri-
odic motion of the movable sections according the reaction
force of the floor for the sole of each of the movable legs.
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Alternatively, the state quantity detecting means may
detect the friction force that each of the soles of the movable
legs receives from the floor in the moving direction or in a
direction perpendicular to the moving direction as state quan-
tity. Then, the estimation means may estimate the phase or the
angular frequency of the periodic motion of each of the mov-
able sections according the friction force that the sole of the
movable leg receives from the floor.

The robot may be provided with a trunk section and the
state quantity detecting means may detect the gradient of the
trunk section as state quantity. Then, the estimation means
may estimate the phase or the angular frequency of the peri-
odic motion of each of the movable sections according to the
gradient of the trunk section.

The state quantity detecting means may detect the accel-
eration of the robot or each of the movable sections as state
quantity and the estimation means may estimate the phase or
the angular frequency of the periodic motion of each of the
movable sections according to the acceleration.

The estimation means may reset the phase relating to the
periodic motion of the joint in response to an occurrence of a
predetermined event.

The estimation means may learn the training signal relating
to the state quantity detected by the state quantity detecting
means and the period of the movable sections and estimate the
phase or the angular frequency according to the training sig-
nal it has learnt.

The estimation means may be formed by a neural network
that outputs the phase or the angular frequency relating to the
periodic motion of the movable sections depending on the
state quantity as detected by the state quantity detecting
means.

The estimation means may continuously estimate the
phase or the angular frequency by means of a feed forward
neural network according to the information from a plurality
of continuously arranged internal sensors.

When the phase is estimated as discretely, for example, the
touch down of one of the legs and that of the other leg may be
defined respectively as phase 0 and phase t for observation on
the basis of the output of the touch down confirming sensor of
each of the soles. In this case, the frequency can be computed
from the time interval of the touch downs of the left and right
legs.

In a robot according to the invention, one or more than one
phase generators are defined for each physical system. The
machine body may be taken for a physical oscillator that does
aperiodic motion and a single phase generator may be defined
for the entire machine body as shown in FIG. 5.

Alternatively, the motion of each of the legs may be taken
for an independent periodic motion when walk or some other
leg motion is concerned. Then, a phase generator may be
defined for each leg as shown in FIG. 6.

When walk or some other leg motion is concerned, the left
and right legs operate in a coordinated manner to alternately
repeat a single leg support and a double leg support. There-
fore, the lower limbs may be regarded as doing a single
periodic motion, while the upper limbs, the trunk and other
members may be regarded as doing another periodic motion.
Then, phase generators may be defined for the lower limbs
and for the upper limbs, the trunk and the other members
respectively as shown in FIG. 7. However, in this case, the
motion of each of the legs may be taken for an independent
periodic motion. Then, a phase generator may be defined for
each leg as shown in FIG. 8.

Still alternatively, when walk or some other machine body
motion is concerted, the motion of each of the legs, the arms,
the trunk and the head may be taken for an independent period
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motion. Then, a phase generator may be defined for each of
these members as shown in FIG. 9.

However, each of the movable sections does not need to be
regarded as doing a periodic motion that is produced as a
result of combining the motions of'the related adjacent joints.
In other words, the motion of each of the joints may be taken
for an independent periodic motion. Then, a phase generator
may be defined for each joint as shown in FIG. 10.

When a plurality of phase generator are defined on a single
robot as shown in FIGS. 6 through 10, controllers are pro-
vided for each movable section for which a phase generator is
defined and which is regarded as doing a periodic motion and
the controllers are made to have corresponding different con-
trol rules. In such a case, the robot may additionally be pro-
vided with a coordinating means for coordinating the control
quantities from the controllers of the movable sections in
order for the entire robot to do a coordinated motion.

The motions of all the movable sections of the robot may
not be taken for periodic motions. In other words, there may
be movable sections whose motions may be taken for periodic
motions and movable sections whose motions may not be
taken for periodic motions.

If such is the case, the movable sections may be provided
with second control means adapted to control the respective
movable sections according to control rules that have nothing
to do with periodic motions so that the movable sections
doing a motion that is not taken for a periodic motion may be
controlled appropriately. The second control means generate
a control signal typically according to the ZMP stability cri-
teria.

If such is the case, the robot may further comprise a coor-
dinating means for coordinating the control quantities for the
movable sections doing periodic motions that are output from
the control means according to the phases of the periodic
motions and the control quantities for the movable sections
not doing periodic motions that are output from the second
control means in order for the entire robot to do a coordinated
motion (see FIG. 11).

Thus, according to the present invention, there are pro-
vided a superior robot that can control the stability of the
attitude of'its body without using a ZMP (zero moment point)
as stability criteria and a method of controlling the attitude of
such a robot.

According to the invention, there are provided a superior
robot that controls the stability of the attitude of its body by
paying attention to periodic motions of the moving parts
thereof and a method of controlling the attitude of such a
robot.

According to the invention, there are provided a superior
robot adapted to control its movable sections by taking at least
part of each movable section for a physical oscillator and
generating a mathematically tractable phase and adaptively
deal with any unknown disturbance and a method of control-
ling the attitude of such a robot.

Other objects, characteristic features and advantages of the
present invention will become apparent from the description
of preferred embodiments given below by referring to the
accompanying drawings.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 is a schematic and conceptual illustration of the
configuration of the attitude stability control mechanism of a
robot according to the invention;

FIG. 2 is a schematic illustration of a mechanism for appro-
priately selecting a controller according to phase information
@ when a two-legged mobile robot makes a walking motion,

—

5

20

25

30

35

40

45

50

55

60

65

10

using the left and right legs as supporting leg and swing leg
alternately in a switched manner;

FIG. 3 is a schematic illustration of the relationship of the
joint angle 8 of a movable section and the phase ® of the
periodic motion thereof;

FIG. 4 is a schematic illustration of the relationship of the
joint angle 6 of'a movable section and the angular velocity of
the joint for given phase ®;

FIG. 5 is a schematic illustration of a single phase genera-
tor defined for the entire machine body of a robot by taking
the motion of the entire robot for a periodic motion;

FIG. 6 is a schematic illustration of phase-generators
defined respectively for the left leg and the right leg by taking
the motion of each of them for an independent periodic
motion;

FIG. 7 is a schematic illustration of phase generators
defined respectively for the lower limbs and the other mem-
bers including the upper limbs and the trunk by taking the
motion of each of them for an independent periodic motion;

FIG. 8 is a schematic illustration of phase generators
defined respectively for the left leg, the right leg and, the other
members including the upper limbs and the trunk by taking
the motion of each of them for an independent periodic
motion;

FIG. 9 is a schematic illustration of phase generators
defined respectively for the left leg, the right leg, the left arm,
the right arm, the trunk and the head by taking the motion of
each of them for an independent periodic motion;

FIG. 10 is a schematic illustration of phase generators
defined respectively for the joints by taking the motion of
each of them for an independent periodic motion;

FIG. 11 is a schematic illustration of the arrangement for
realizing a coordinated motion of the entire robot by coordi-
nating the control quantities for the movable sections;

FIG. 12 is a schematic perspective front view of a legged
and standing mobile humanoid robot 100 that is an embodi-
ment of the present invention;

FIG. 13 is a schematic perspective rear view of a legged and
standing mobile humanoid robot 100 that is an embodiment
of the present invention;

FIG. 14 is a schematic illustration of the degree of freedom
of'each ofthe joints that alegged mobile robot 100 is provided
with;

FIG. 15 is a schematic illustration of the configuration of
the control system of a legged mobile robot 100;

FIG. 16 is a schematic illustration of Matsuoka’s neural
oscillator model;

FIG. 17 is a schematic illustration of an experimental hard-
ware for the entrainment phenomenon of CPG using a DB;

FIG. 18 is a schematic illustration showing how autono-
mous walk is generated by arranging a neural oscillator at
each joint of a sagittal planar biped model under the effect of
interaction with the environment;

FIG. 19 is a schematic illustration of three states of a
walking motion;

FIG. 20 is an illustration of a compass-like biped model;

FIG. 21 is a schematic illustration of neural oscillators and
the incidence numbers;

FIG. 22 is a schematic illustration of the link sections of the
machine body of a robot used as experimental hardware;

FIG. 23 is a schematic illustration of a feedback pathway;

FIG. 24 is a schematic illustration of replacing the target
angle value for the front and rear legs;

FIG. 25 is a schematic illustration of inverting the sign of
the LM output and inputting it into a SW;

FIG. 26 shows graphs illustrating the results of measure-
ment in a normal walking motion;
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FIG. 27 is a schematic phase plan view of the left hip joint
of a robot;

FIG. 28 shows a graph illustrating the relationship of
steady input value c, non-dimensional value of walking
velocity/mechanical energy consumption/moving efficiency
and transfer power;

FIG. 29 shows a graph illustrating the results obtained by
comparing the maximum torques of joints normalized by leg
length/mass and those obtained by using typical target ZMP
criteria;

FIG. 30 is a schematic illustration of generation of a walk-
ing motion of a robot based on appropriate scaling of motion
obtained by learning the walking motion of man, using a
rhythmic movement primitive having a limit cycle attractor
formed on the basis of a phase oscillator and locally weighted
regression as CPG model;

FIG. 31 is a schematic illustration of a model of biped robot
with plane five links;

FIG. 32 is a schematic illustration of alternations made to a
learnt trajectory of motion;

FIG. 33 is a schematic and conceptual illustration of the
control system of an embodiment of robot according to the
invention;

FIG. 34 shows graphs illustrating the joint angles and a
period of motion from a touch down to the next touch down of
the right leg obtained from collected data;

FIG. 35 shows graphs illustrating some of the results of
learning a walk trajectory of man of a motion leaning primi-
tive;

FIG. 36 shows graphs illustrating target joint trajectories
and the trajectories of the joints of a robot with the output of
a motion learning primitive for t=0 to 20;

FIG. 37 shows graphs illustrating a target joint trajectory of
the left leg of a robot, the trajectories of the joints and the
touch down timings of the legs for two walk periods (four
steps);

FIG. 38 shows graphs illustrating joint torque command
values;

FIG. 39 is a schematic illustration showing how a robot
walks in a steady state;

FIG. 40 is a schematic illustration of the dynamics of two
coupled phase oscillator;

FIG. 41 shows graphs illustrating some of the results of a
walk simulation;

FIG. 42 is a schematic illustration of the motions of two
single pendulums with different lengths based on an assump-
tion that the swing leg is swung by free oscillation;

FIG. 43 is a schematic illustration of a phase oscillator and
the mechanism of phase resetting;

FIG. 44 is a schematic illustration of a mechanism for
phase estimation that utilizes the switches on the soles of a
two-legged mobile robot;

FIG. 45 is a schematic illustration of the mechanism of
phase resetting by a continuous interaction;

FIG. 46 shows a graph illustrating an exemplary phase
response curve;

FIG. 47 is a schematic illustration of a differential equation
of entrainment;

FIG. 48 is a schematic illustration of an operation of seek-
ing for stability of a stationary solution on a phase response
curve;

FIG. 49 is a schematic illustration of entrainment using
mutually discrete signals between two phase generators;

FIG. 50 shows a graph illustrating a differential equation of
mutual entrainment;
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FIG. 51 is a schematic illustration of a two-legged mobile
robot with five links constrained to a two-dimensional plane
by a support rod;

FIG. 52 is a schematic illustration of state transition of the
real robot shown in FIG. 51;

FIG. 53 shows graphs illustrating joint angle trajectories in
a walk obtained by an experiment;

FIG. 54 shows graphs illustrating output torque trajectories
obtained by an experiment;

FIG. 55 is a schematic illustration of an ultimately obtained
recorded walk pattern;

FIG. 56 shows schematic illustrations of an animal experi-
ment using a cat;

FIG. 57 is a schematic illustration of a mobile robot model
with a simple 3-link configuration;

FIG. 58 is a schematic illustration of a walk trajectory
generation model;

FIG. 59 is a schematic illustration of a definition of a state
for learning (left) and a definition of behavior (right);

FIG. 60 shows graphs illustrating exemplary walk trajec-
tories during a learning session (25th try);

FIG. 61 shows graphs illustrating stable walk trajectories
after a learning session;

FIG. 62 shows graphs illustrating changes of specific val-
ues when a robot is made to walk by 50 steps in a simulation;

FIG. 63 shows graphs illustrating the results of measure-
ment in a normal walking motion;

FIG. 64 is a schematic phase plan view of the left hip joint
of a robot;

FIG. 65 shows a graph illustrating tests involving phase
resetting and those not involving phase resetting in compari-
son;

FIGS. 66A and 66B shows instances of response where
external force was applied as external disturbance;

FIG. 67 shows the walk trajectory before the learning in the
top row and the walk trajectory after 30 tries in the middle
rOw;

FIG. 68 shows the accumulated reward at each try;

FIG. 69 shows the value function acquired by simulation;

FIG. 70 shows a walking motion of the robot before learn-
mg;

FIG. 71 shows a walking motion after learning;

FIG. 72 shows the value function acquired as a result of the
experiments using a real hardware; and

FIG. 73 shows averaged eigen-value of Jacobian matrix at
each trial.

DETAILED DESCRIPTION OF THE PREFERRED
EMBODIMENTS

Now, the present invention will be described in greater
detail by referring to the accompanying drawings.

A. Configuration of Robot

FIGS. 12 and 13 are schematic perspective front and rear
views of a legged and standing mobile humanoid robot 100
that is an embodiment of the present invention. As illustrated,
the legged mobile robot 100 has a trunk section, a head
section, left and right upper limbs and left and right lower
limbs that are driven to operate for moving. The operation of
the machine body is controlled by a control section (not
shown) that is typically contained in the trunk.

Each of the lower limbs has a thigh section, a knee joint, a
shank section, an ankle and an instep and is linked substan-
tially to the lower end of the trunk section by a hip joint. Each
of the upper limbs has an upper arm, an elbow joint and a
forearm and is linked to the corresponding upper lateral edge
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of the trunk section by a shoulder joint. The head section is
linked substantially to the center top of the trunk section by a
neck joint.

The control section is a cabinet containing a controller
(main control section) for processing external inputs from the
drive controls and the sensors (which will be described in
greater detail hereinafter) of each of the joint actuators of the
legged mobile robot 100, power supply circuits and other
peripheral devices. The control section may additionally con-
tain one or more than one communication interfaces and
communication devices for remote control purposes.

The legged mobile robot 100 having the above described
configuration can walk on two legs under coordinated action
control of the control section for the entire body. Such a walk
on two legs is realized by repeating a walk period that is
generally divided into motion periods listed below.

(1) single leg support period of the left leg with the right leg
being lifted

(2) double leg support period with the right leg on the floor

(3) single leg support period of the right leg with the left leg
being lifted

(4) double leg support period with the left leg on the floor.

The walk of the legged mobile robot 100 is controlled
typically by planning a target trajectory of each of the lower
limbs in advance, using a ZMP as stability criteria, and modi-
fying the planned trajectory in each of the above listed peri-
ods. In the double leg support periods, the operation of modi-
fying the trajectory of each of the lower limbs is suspended
and the height of the hip is modified to a constant value by
using the total modification quantity for the planned trajec-
tory. In the single leg support periods, a modified trajectory is
generated so as to restore the modified relative positional
relationship of the ankle of each of the legs and the hip and
make it match the planned trajectory.

Alternatively, it is possible to take at least part of the
movable sections of the entire body of the legged mobile
robot 100 such as the left and right legs for a physical oscil-
lator and generate a phase of the physical oscillator by a
mathematical operation depending on to the internal state and
the external environment obtained on the basis of the sensor
outputs in order to realize stability of the machine body in a
broad sense of the word and make it adaptively respond to any
unknown external disturbance.

FIG. 14 is a schematic illustration of the degree of freedom
of each of the joints that the legged mobile robot 100 is
provided with. As shown in FIG. 14, the legged mobile robot
100 is a structure having upper limbs including two arms and
a head section 1, lower limbs including two legs for realizing
moving actions and a trunk section linking the upper limbs
and the lower limbs. In short, the legged mobile robot 100 has
a plurality of limbs.

The neck joint supporting the head section has three
degrees of freedom provided by a neck joint yaw axis 1, first
and second neck joint pitch axes 2a, 2b and a neck joint roll
axis 3.

Each of the arms has a shoulder joint pitch axis 4, a shoul-
der joint roll axis 5, an upper arm yaw axis 6, an elbow joint
pitch axis 7, a wrist joint yaw axis 8 and a hand section to
provide its degrees of freedom. The hand section is in reality
a multi-joint structure including a plurality of digits and pro-
vided with a degree of freedom.

The trunk section has two degrees of freedom provided by
a trunk pitch axis 9 and a trunk roll axis 10.

Each of the legs of the lower limbs has a hip joint yaw axis
11, ahip joint pitch axis 12, a hip joint roll axis 13, aknee joint
pitch axis 14, an ankle joint pitch axis 15, an ankle joint roll
axis 16 and a foot.
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However, if the legged mobile robot 100 is designed for
entertainment, it is not necessary that the robot is provided
with all the above listed degrees of freedom. Nor, the robot is
limited to the listed degrees of freedom. It may be needless to
say that the degree of freedom, or the number of joints, may
be increased or decreased depending on the restrictive con-
ditions and the specification requirements posed in the design
and manufacturing stages.

The center of gravity of the legged mobile robot 100 of this
embodiment is arranged at the hip. Thus, the hip is an impor-
tant object of control in terms of attitude stability control and
operates as a “basic body member” of the robot.

FIG. 15 is a schematic illustration of the configuration of
the control system of the legged mobile robot 100. As shown
in FIG. 15, the legged mobile robot 100 comprises mecha-
nism units 30, 40, 50R/L, 60R/L that correspond to the four
limbs of man and a control unit 80 that adaptively controls the
mechanism units in order to realize a coordinated motion of
the robot (R and L are suffixes respectively denoting right and
left).

The motion of the entire legged mobile robot 100 is com-
prehensively controlled by the control unit 80. The control
unit 80 comprises a main control section 81 including a CPU
(central processing unit) and other main circuit components
such as memories (not shown) and peripheral circuits 82
including power supply circuits and interfaces (not shown),
by way of which the control unit 80 exchanges data and
commands with different components.

The peripheral circuits 82 include peripheral devices
mounted in the machine body, external peripheral devices
connected to the machine body by way of cables and radio
waves and interface connectors for connecting an electrically
charging station (not shown) and other peripheral devices.

When realizing the present invention, the place of installa-
tion of the control unit 80 is not subjected to any particular
limitations. While it is mounted in the trunk unit 40 in FIG.
15, it may alternatively be mounted in the head unit 30. Still
alternatively, the control unit 80 may be arranged outside the
legged mobile robot 100 so as to communicate with the
machine body of the legged mobile robot 100 by way of a wire
or wirelessly.

The degree of freedom of each of the joints of the legged
mobile robot 100 illustrated in FIG. 14 is realize by so many
actuators. More specifically, a neck joint yaw axis actuator
A1, a neck joint pitch axis actuator A2 and a neck joint roll
axis actuator A3 are provided in the head unit 30 respectively
forthe neckjoint yaw axis 1, the neck joint pitch axis 2 and the
neck joint roll axis 3.

The trunk unit 40 is provided with a trunk pitch axis actua-
tor A9 and a trunk roll axis actuator A10 respectively for the
trunk pitch axis 9 and the trunk roll axis 10.

While the arm units 50R/L respectively comprise upper
arm units 51R/L, elbow joint units 52R/L. and forearm units
53R/L, each of them is provided with a shoulder joint pitch
axis actuator A4, a shoulder joint roll axis actuator A5, an
upper arm yaw axis actuator A6, an elbow joint pitch axis
actuator A7, a wrist joint yaw axis actuator A8 respectively
for the shoulder joint pitch axis 4, the shoulder joint roll axis
5, the upper arm yaw axis 6, the elbow joint pitch axis 7 and
the wrist joint yaw axis 8.

While the leg units 60R/L respectively comprises thigh
units 61R/L, knee units 62R/L and shank units 63R/L, each of
them is provided with a hip joint yaw axis actuator A11, a hip
joint pitch axis actuator A12, a hip jointroll axis actuator A13,
a knee joint pitch axis actuator A14, an ankle joint pitch axis
actuator A15 and an ankle joint roll axis actuator A16 respec-
tively for the hip joint yaw axis 11, the hip joint pitch axis 12,
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the hip joint roll axis 13, the knee joint pitch axis 14, the ankle
joint pitch axis 15 and the ankle joint roll axis 16.

Each of the actuators A1, A2, A3, . . . arranged at the
respective joint axes is preferably a compact actuator that is
directly coupled to a gear and realized as one chip so as to be
mounted in a motor unit.

The mechanical units including the head unit 30, the trunk
unit 40, the arm units 50 and the leg units 60 are provided
respectively with auxiliary control sections 35, 45, 55, 65 for
controlling the operation of driving the actuators.

The trunk section 40 of the machine body is provided with
acceleration sensors 95 and attitude sensors 96. The accelera-
tion sensors 95 are arranged typically for the X, Y and Z axes.
When the acceleration sensors 95 are arranged at the hip
section of the machine body, it is possible to select the hip,
which is a member that requires a large mass manipulation
quantity, as object of control and directly observe the attitude
and the acceleration of the member so as to control the atti-
tude stability, using a ZMP.

Each of the legs 60R, 60L is provided with one or more
than one touch down confirming sensors 91 or 92 and one or
more than one acceleration sensors 93 or 94, whichever
appropriate. The touch down confirming sensors 91 and 92
are pressure sensors fitted to the respective soles to detect if
either or both of the soles of the legged mobile robot 100
contact the floor or not according to presence or absence of
reaction force of the floor. Thus, it is possible to detect a
double leg support period and a single leg support period and
estimate the phase @ and the angular frequency w of each of
the movable legs that operate as physical oscillators.

The acceleration sensors 93 and 94 are arranged in the X
and Y axis. As the left and right feet are provided with the
acceleration sensors 93, 94, it is possible to directly formulate
a ZMP equation for the feet that are most close to a ZMP
position.

The main control section 80 controls attitude stability
depending on the internal state and the external environment
of the robot 100 according to the outputs of the sensors 91
through 93. More specifically, it adaptively controls the aux-
iliary control sections 35, 45, 55, 65 so as to drive the upper
limbs, the trunk and the lower limbs in a coordinated manner.
A first technique of attitude stability control is to plan a
motion so as to establish dynamic balance at each and every
moment, using a ZMP as criteria, for target ZMP control. A
second technique of attitude stability control is to extract a
periodic motion at least at part of the machine body such as
movable legs typically during a walking motion and generate
a phase signal for it depending on the internal state and the
external environment so as to drive and control the movable
sections according to the phase signal.

B. Biped Locomotion according to the Biological Principle

The inventors of the present invention have been and are
looking into human behaviors in order to realize a humanoid
robot on the basis of information processing techniques simi-
lar to those of human. Techniques for driving a robot to walk
in a smooth and natural manner like man are developed on the
basis of the knowledge acquired as a result of the research
activities of the inventors to grasp in depth the information
processing system of human and discover the biological prin-
ciple of biped locomotion of human. They will be described in
detail below. In this patent document, the following three
themes will be principally discussed.

(1) Characteristics of CPG (Central Pattern Generator) and
Biped Locomotion

Researches on CPG using neural oscillators have been
made in recent years to realize desirable periodic motions and
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several properties of periodic motions have been discovered
by experiments. However, the principal properties of periodic
motions necessary for realizing biped locomotion by using a
CPG are still not clear. The characteristics of CPG that are
indispensable for realizing biped locomotion by using a CPG
will be described in this patent document. The inventors of the
present invention have succeeded in realizing a desirable
walking motion of a small biped robot by means of a CPG,
using neural oscillators.

(2) Fundamental Principle of Biped Locomotion

The inventors of the present invention have been and are
looking into the fundamental elements of walk from a physi-
cal and mathematical viewpoint in order to develop dynamic
techniques for comprehending and controlling walk. In this
patent document, a new CPG concept based on a nonlinear
dynamic system, and its effectiveness will be described with
regard to generation of periodic motion.

(3) Walk Learning Control Method
Leaning techniques that allows the use of a plurality of

evaluation standards at a higher member to a walk controller

will be described in detail below. The transition of a walking
state and walk periods are learnt within the framework of the

techniques. Additionally, learning techniques for generating a

stable walking trajectory and at the same time realizing both

robustness and efficiency will be described. A humanoid
robot can realize an agile walking motion like that of man by

a walk learning control method according to the present

invention.

An embodiment of the invention will be described below in
terms of the following items.

1. A Study on Fundamental Characteristics of CPG (central
pattern generator): Biped Locomotion Using a Neural
oscillator

2. Fundamental Principles of Walk: Learning of Human Walk
Using a Motion Primitive and Adaptation

3. Walk Control by Learning: An Efficient Learning Algo-
rithm of Biped Locomotion by Model-Based Reinforce-
ment Learning.

B-1. Biped Locomotion Using a Neural Oscillator

The inventors of the present invention have an ultimate
object of establishing a non-model-based biped locomotion
control method that can replace the conventional target ZMP
control method. The conventional method that is based on a
ZMP criteria is a highly general purpose method that is devel-
oped by using control engineering techniques so as to enable
simplification and subsequently analytically obtain a solu-
tion. On the other hand, it requires producing exquisitely
designed models both for the robot and the environment. As a
result, an enhanced level of precision is required for the
hardware of robot. Additionally, a motion of robot that is
mathematically led out apparently differs from the walking
manner of man. Being aware of these problems, the inventors
of'the present invention developed a “walk control method for
realizing walk that is very close to walk of man” on the basis
of'the knowledge they acquired in the field of exercise physi-
ology, cranial nerve science and computer and will disclose it
below. In this section, attention will be paid to the central
pattern generator (CPG), which is a rhythm generator existing
in the spinal cord of living thing, and models it by means of a
neural oscillator to understand its characteristics and try to
apply it to a real hardware.

B-1-1. Characteristics of Central Pattern Generator (CPG)
B-1-1-1. It is evidenced by experiments that living bodies

have a rhythm generator referred to as CPG in the spinal cord

[1]. Frequently cited examples include experiments on pro-
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pelling motions of Lamprey, which is a sort of eel and one of
the most primitive fish, and those on walking motions of
decerebrated cats. The latter are experiments of driving cats,
whose brain and spinal cord are cut apart, to walk on a
treadmill, while changing the velocity of the treadmill. It is
known that the decerebrated cat changes its walking pattern
according to the velocity. These experiments indicate that itis
not the brain of the cat that controls its walking motion but
there is a sort of rhythm generator in the spinal cord of the cat
whose operation is regulated by some sort of sensor feedback
(e.g., touch down information).

When the spinal cord nerve is taken out alone, it shows
oscillatory excitation without any sensor input that is
observed in a walking motion. Therefore, it is firmly believed
that there is a rhythm generator in the spinal cord nerve that
oscillates inherently and independently from the brain and
sensor information. This rhythm generator is called a CPG
(while itis still a theme of discussion if man has a CPG or not,
the existence of an inherent rhythm generator in the human
body is anticipated from the reports that very young babies
show a rhythmical stepping motion, using the left and right
legs, when suspended by the sides and that handicapped
grown up persons show an improved rehabilitation effect
when a periodical electric stimulus is applied to their spinal
cords).

B-1-1-2. Matsuoka’s neural oscillator model is generally
used as neural oscillator CPG (see FIG. 16) [2]. In FIG. 16,
x1,x2,v1 and v2 are variables and ¢, 3, v, T1, T2 are constants,
while g is the input and y is the output. Then, the time constant
of oscillation and the profile of the output waveform are
determined by Tl and Tt2. Note that time is not positively
expressed in the formula below.

"71551:C—xl—ﬁvl—‘{[xz]+—2hj[<gj]+
TV =[x,
X === Py fx ] -2k, {g;]”
V=[] -2

Youmpa=1%1]=1%]" [formula 7]

Referring to the above formula, the waveform and the
frequency of the oscillator are determined by 1 and t2. The
value of ¢ is a parameter controlling the amplitude. ¢ is
referred to as steady input and determines the amplitude of the
output. While it is difficult to analytically determine the out-
put, a certain numerical value is indicated there [3].

The neural oscillator oscillates with a frequency wn spe-
cific to it that is determined by t1 and T2 without input g. If
there is the input g with sufficient amplitude the frequency is
close to wn, the output is fixed relative to the input with a
constant phase relationship. In other words, an “entrainment
phenomenon” appears. This is the most characteristic feature
of the neural oscillator.

B-1-1-3. Experiments Using DB

An experiment on (1) the yoyo motion and (2) the slinky
motion (of a coil spring) was conducted by using a humanoid
robot named dynamic brain (DB) in order to qualitatively
understand the entrainment that is caused by a CPG. As a
matter of course, firstly a CPG is mounted in position by using
a DB simulator and the results were verified by the actual
machine (see FIG. 17). To simulate the yoyo motion, a spring-
mass system with 1 degree of freedom was made to oscillate
by a vertically reciprocal motion of elbow. The torque of the
wrist was used as the input of the CPG, while the elbow angle
was used as output thereof (which involved nonlinearity
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because a bottle filled with water is used as weight and a
rubber string is used as spring). A quick entrainment with a
constant amplitude was observed if compared with a case
where a sinusoidal wave was used for driving. It was con-
firmed that entrainment takes place when the mass and the
spring constant were changed within a certain range. An
experiment of continuing the oscillation of a slinky, which is
a spring toy, was also conducted. It was observed how the
slinky stopped oscillation when the amplitude of the torque of
the wrist is reduced and how it adaptively regulated itself to
changes in the period. However, care should be taken about
the following items.

(1) The Basin of Attraction by the Neural Oscillator is not so
Broad.

As shown in Reference Document [3], entrainment occurs
only within a range that is close to the natural frequency ofthe
neural oscillator. In the case of the yoyo motion, entrainment
was observed when the mass was within a range between 200
[g] and 500 [g] (which corresponds to a difference of about
+20% of natural frequency) but steady oscillation can hardly
be ensured beyond the range. In other words, modeling of a
certain extent is required in advance. In reality, the time
constant of the oscillator is determined in advance from the
natural frequency of the spring-mass system and defined as
reference value. Kotosaka et al. changed the time constant in
order to broaden the range of entrainment, using a technique
similar to the phase lock loop (PLL) technique [4].

(2) Amplitude of Feedback Signal

The input and the output of the oscillator are the torque and
the joint angle respectively. Some sort of normalization is
required because values of different dimensions are com-
bined. The torque sensor of the DB shows an offset and a dead
band and hence the values obtained by a simulator cannot be
used. In other words, an experiment is indispensable to obtain
corresponding values. While an experiment was conducted
by using the torque of the elbow as feedback signal, it was not
possible to keep on excitation for oscillation because the
inertial torque of the forearm section that arises as a result of
the vertically reciprocal motion of the elbow is overlapped on
the fluctuations of force of the spring-mass system. While this
problem may be dissolved by subtraction using inverse
dynamics, a precise model is required for it. An experiment of
oscillation was also conducted by feeding back the absolute
velocity of the overlap on a simulator. While a highly stable
entrainment was observed because the dynamics of the body
is completely eliminated with this arrangement, no experi-
ment was conducted on the actual machine because external
sensors were required.

(3) Phase of Feedback Signal

While it is easy to confirm the entrainment of a neural
oscillator, there arises a problem of how to form the target
limit cycle. In successful instances, the target was excitation,
which can be realized by “raising the elbow when a large
torque is being applied”. Conversely, if the target is to limit
excitation for oscillation, it is only necessary to inverse the
sign of the feedback signal. This can be confirmed on a
simulator. However, phase 90 [deg] may need to be fixed
depending on the task and then the use of a single neural
oscillator is not feasible. Miyakoshi et al. propose a mecha-
nism for automatic phase regulation using four neurons.

B-1-2 Application to Biped Locomotion

In this section, the prior art techniques will be summarized
and the problems that arises when controlling a real robot will
be described to discuss a bipedal motion using a neural oscil-
lator.
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Application of CPG to biped locomotion started with a
precursory research of Taga [6, 7, 8]. Taga claimed a concept
called global entrainment, which is an antithesis of conven-
tional researches on walk that rely on control engineering.
According to conventional engineering approaches, a robot is
considered as object of control and modeled so that, after
leading out a nominal target trajectory of motion, the robot is
controlled so as to minimize the error between the actual
motion of the robot and the nominal trajectory. Any changes
in the environment and those of the parameters of the robot
are regarded as so many errors from a nominal state or exter-
nal disturbances. From the viewpoint of the controlling side,
such changes are regarded as “undesirable because they make
the robot to move out of the nominal state”. By analogy with
living things, it is considered that the relationships of nervous
system=control system and muscular skeletal system=non-
control system hold true. In other words, it is considered that
the nervous system controls the muscular skeletal system and
issues commands for minimizing errors from the nominal
state. Transmitting ZMP control is based on the same idea. To
the contrary, Taga came to think from his neurophysiologic
findings that “the nervous system and the muscular skeletal
system are described as dynamic systems that interact with
each other on equal terms” and claims that “a limit cycle
attractor is formed in a topological space where the nervous
system and the muscular skeletal system are combined by
way of entrainment of rhythm and corresponds to the genera-
tion of stable and flexible walk”. He calls the phenomenon as
global entrainment, with which changes in the environment,
changes in the muscular skeletal system and all the elements
of the physical system and the control system participate in
the generation of walk. Therefore, unlike the conventional
control engineering, there exists no explicit master-slave rela-
tionship between the nervous system and the muscular skel-
etal system. As shown in FIG. 18, a neural oscillator is
arranged at each joint of a sagittal planar biped model and
walk is autonomously generated under the effect of interac-
tion with the environment. He also showed by simulation how
strides are autonomously adjusted on a slope and that the
walking pattern naturally changes from walk to run by chang-
ing the activity level (output torque amplitude and parameter
steady input value c) of the nervous system.

Meanwhile, it is impossible to generate a walking motion
by blindly defining a neural oscillator. On the basis of neuro-
physiologic, Taga defined the arrangements and the combi-
nations of neural oscillators and the sensor feedback pathway.
The problem here is that how those combinations are found
and how they are weighted. As seen from the above described
experiment on a DB, while it is easy to form a limit cycle of
some sort or another, it is difficult to form a task specific limit
cycle. Particularly, it is impossible to analytically solve the
problem when the input to a neural oscillator contains all the
interactions of the muscular skeletal system and the environ-
ment. Taga manually adjusted the weighting coefficients on a
trial and error basis. He spent a vast amount of time for the
parameter tuning.

Following the proposal made by Taga, Hase et al. opti-
mized the manual adjustments by means of a genetic algo-
rithm [9, 10]. As a result, it became possible to automatically
acquire a somewhat simple neural structure by using the
feedback pathway proposed by Taga. Since then, the tech-
nique developed by Hase et al. has become a standard tech-
nique for acquiring a walking pattern by using neural oscil-
lators. Sato et al. acquired feedback weighting coefficients,
using amodel same as that of Taga [11], although the obtained
values differ from those defined by Taga.

20

25

30

40

45

50

55

60

65

20

Summarily speaking, the past researches on biped locomo-
tion using neural oscillators remain on the simulation level.
As far as biped locomotion is concerned, the outcome of a
simulator and that of a real hardware do not normally agree
with each other because of imperfect modeling of floor reac-
tion force and other reasons. Therefore, it is safe to assume
that the above described achievements cannot be applied to
real hardwares. This is a major reason why no successful
experiment has been reported since the proposal made by
Taga more than a decade ago.

A quadruped robot developed by Kimura et al. provides a
successful example of walk control using neural oscillators as
CPG for a real hardware [12, 13]. They proved that it is
possible to make a robot travel on highly unleveled ground by
ingeniously combining neural oscillators, a reflex system, a
PD servo system and a state machine, while it is highly
difficult to make a conventional robot do so. More specifi-
cally, a CPG does not drive joints but controls the phases of
the legs and a servo gain selection and a state transition occur
according to its output. The sensor information is input to the
neural oscillators to regulate the phase relationship of the
legs. While the output of a neural oscillator is conventionally
used to command the corresponding joint torque, a high
motional performance is realize by discretely controlling
only the phase. While Kimura et al. did not provide analytical
discussions and many parameters were experimentally
selected in their studies, they proved the potential of control-
ling a robot by means of a CPG. Additionally, the robot
appears like a living thing very much. The objective of the
studies of Kimura et al. was to develop a CPG controller that
can be applied to a real hardware. Thus, application of the
experimentally successful approach of Kimura et al. to biped
locomotion will be discussed in the next section. Because no
successful experiment of driving a real biped robot by means
of a CPG has been reported to date, it will be a matter of
priority to realize a successful controller if intuitively.

B-1-3. Simulation of Biped Locomotion

In this section, various controllers mounted on a biped
simulator using SD/Fast, which is developed by the inventors
of the present invention, will be discussed as a matter of
preliminary stage for using a real hardware. Firstly, the simu-
lator will be described and the controllers mounted on the
simulator will be discussed.

B-1-3-1. Biped Simulator

A biped simulator developed by the inventors of the present
invention uses a general purpose dynamics simulator, or
SD/Fast, for dynamics computations. Each leg is formed by
using a trunk, a thigh and a shank and does not have any ankle
joint for the purpose of simplification and on an assumption
that the ankle joint does not participate in motions that are
essential for walking that is led from the results of observation
that the distribution of reaction force of the floor produced
when walking on stilts resembles that of ordinary walking. It
is assumed that the toe of each leg comes to contact the floor
at a point when walking and the contact model that is used is
a simple spring/damper model. The control period is 1 milli-
second and commands are issued to each joint by way of
torque. However, since many hardware robots are equipped
with a PD servo system, a PD controller is arranged in the
inside from the viewpoint of assembling and the leg trajectory
of'each leg is controlled by giving a positional target value. It
is assumed that the touch down of the toe of each leg and all
the variables of state are observable and no delay arises to the
sensor information.
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B-1-3-2. State Machine
Firstly, a walk using a state machine will be discussed for

the purpose of intuitively comprehending a walking motion.

A walking motion is divided into three states as shown in F1G.

19. Note that the PD gain is fixed in all phases for the purpose

of simplification.

Referring to FIG. 19, in Stance 1, the forwardly located leg
as viewed in the moving direction (to be referred to as “for-
ward leg” hereinafter) is bent in a double support state to
move the center of gravity forwardly and downwardly. For-
ward stability margin (SM) is used as index to see the load on
the forward leg. Since the center of gravity is located substan-
tially near the joint of the hip (basic body member) and the
mass of the legs, that of the shanks, is small, the relative
distance between the point of projection of the hip joint on the
floor and the touch down point of the forward leg is used for
the purpose of simplicity. Qualitatively, an index obtained by
incorporating the dynamic effect to SM is forward stability
margin for the ZMP.

As the motion of Stance 1 is continued, the SM falls below
a given value. Then, the bending of the forward leg is stopped
and a stretching motion (Stance 2) is started. As the center of
gravity rises by the stretching, positional energy is applied to
consequently inject kinetic energy necessary for keeping on
walking. Note that the function of stretching is expressed not
as that of time but as that of SM. In other words, if the center
of gravity moves fast forwardly and downwardly, the stretch-
ing motion proceeds fast. In Swing, as the backwardly located
leg as viewed in the moving direction (to be referred to as
“backward leg” hereinafter) leaves the floor as a result of
continuation of Stance 1, Stance 1 is switched to Stance 2. On
the swing leg trajectory, the hip is given as a function of SM,
and the knee is given as a function of time. Since the mass of
the thighs is relatively large, the center of gravity moves to the
stable side to realize a double support situation when the
swing leg is located in front of the supporting leg. Intuitively
speaking, it is a walking pattern of quickly leaving the single
support phase that can easily give rise to a falling situation and
preventing falling by moving into a double support phase. It
was confirmed that the walk continues by mounting the con-
troller on the simulator.

This algorithm provides the following advantages.

(1) It can be intuitively comprehended with ease.

(2) It can adapt itself (to relatively small external distur-
bances) because it does not involve open loop trajectories
based on time.

(3) It does not require any exquisitely designed model.

B-1-3-3. State Machine+CPG

Simply an SM and touch down information are used for
switching the state in the immediately preceding section.
While these pieces of information may not give rise to any
problem on a simulator, a real hardware may not operate
properly because of sensor noises and other problems. There-
fore, the inventors of the present invention tried to use the
CPG for switching the state. More specifically, the CPG is
entrained by using the SM displacement as input and the
phase is switched only by using the positive or negative sign
of the output of the CPG.

While only discrete values of SM are used for switching the
phase in the immediately preceding section, the phase esti-
mation can become robust when continuous values of SM are
used in this section. It was confirmed that a walking motion
can be continued when tried on the simulator. The walking
motion becomes smoother if compared with a walking
motion based on a state machine. However, it is not possible
to see satisfactory advantages including robustness relative to
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parameter fluctuations if compared with the algorithm
described in the immediately preceding section. This may be
because of the clean environment of the simulator.

The algorithm proposed by Kimura provides an advantage
that the phase can be estimated and that touch down informa-
tion can be effectively fed back to the CPG. For instance, a
functional feature of maintaining the posture of the robot can
be additionally provided to cope with a situation where one of
the legs touches down at a position higher than the estimated
level of the floor by stretching the other leg (roll/pitch tonic
labyrinthine reflex). However, such a reflex system is a feed-
back system that is feasible only with quadruped and cannot
be applied to biped without modification of some sort or
another. A sensor feedback system that enables biped loco-
motion to continue will be described hereinafter.

B-1-3-4. Ballistic Walk+CPG

In many conventional CPG approaches, neural oscillators
are arranged at each joint and the joint is driven by a torque
output. This is a natural idea from the viewpoint of exercise
physiology that makes the oscillator output correspond to an
antagonist muscle. From the viewpoint of robot engineering,
such an arrangement is an idea of direct kinematics and it is
not intuitively understandable how the output of each neural
oscillator is reflected onto the entire system (e.g., the height of
the center of gravity). It is very difficult to evaluate the neural
oscillators at a higher level of the entire system such as the
level of criteria if the robot is falling or not falling and adjust
a large number of parameters. From the viewpoint of robot
engineering, it is a common approach to use inverse kinemat-
ics in such a situation. In other words, each oscillator is driven
to oscillate in the X- and Z-directions in a Cartesian coordi-
nate system. However, this is an approach of pure engineering
and therefore there is no knowing if such an approach makes
it possible to mimic the walking action of man. (There is also
aproblem of hardware restrictions. When tried on a simulator,
it was found that the experimental hardware does not have a
sufficient knee torque and stumbles down when the center of
gravity is held to a constant height and driven to move back
and forth in the moving direction.)

Therefore, let us consider a compass-like biped that
resembles man in terms of walk and is intuitively promising.
The biped is adapted to decompose a leg motion into a linear
motion (LM) from the hip joint to the touch down point of the
related leg and a swing motion (SW) around the hip (see FIG.
20).

According to Miyakoshi, it is possible to make a compass-
like biped whose hip joints move passively while its leg
lengths move actively to draw an open loop when an appro-
priate initial speed is applied to the legs and the trunk. Itis also
known that the reaction force of the floor responding to such
a walk is like the one that is obtained when man walks. Then,
the frequency of the LM is three times greater than that of the
SW [14]. Based on this finding, the inventors of the present
invention allocated CPGs to the degree of freedom of linear
motion and that of swing motion for walk.

FIG. 21 is a schematic illustration of the positional arrange-
ment of neural oscillators and the incidence numbers. The
parameters were so defined that the natural frequency of each
CPG was such that the frequency of the LM was three times
greater than that of SW by referring to the walk frequency
described in the section before the immediately preceding
section. Then, the neural oscillators were made to show
steady oscillaton and subsequently the frequencies were out-
put to the simulator model to which an initial speed was
applied. Initially, no feedback was given to the CPGs and the
motion of the robot was observed. As a result, it was found
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that the robot fell after walking by seven steps or so, although
the parameters had been regulated. Thereafter, a feedback
corresponding to the SW in the double leg support period was
given to the SW neural oscillators. Then, it was found that the
robot could keep on walking as a result of that the SW neural
oscillators had been entrained into an appropriate phase rela-
tionship, although there was no explicit feedback pathway in
the linear motion system. However, the sensitivity to changes
in the parameters is very high. For example, the robot falls
when the swing angle changes only by 1 [deg]. Particularly,
the state of the initial stages of walk was a problem because it
was difficult to find an initial speed that can be applied on a
steady basis to lead to a stable limit cycle.

B-1-4. Application to Hardware

In this section, the details of the biped simulation described
in the immediately preceding section are applied to a real
hardware. Walk can be realized by implementing a controller
as described in B-1-3-4 and regulating the machine on an
experiment basis according to the findings acquired by the
simulation.

B-1-4-1. Experimental Hardware

FIG. 22 is a schematic illustration of the link sections of the
machine body of a robot used as experimental hardware.
Since the behavior of the robot changes significantly depend-
ing on the profile of the soles, the machine was improved so
that parts having different profiles may be selectively fitted to
the soles at positions other than the touch down points. Addi-
tionally, the robot was so designed that mechanical switches
can be added to observe the touch down. DC brushless motors
were used for the actuators and used in a quasi-direct drive
mode in order to eliminate any friction and viscosity that can
be produced by reduction gears.

B-1-4-2. Stepping Motion

To begin with, let us consider a motion of stepping on the
spot. To realize a motion of stepping on the spot before
starting walking is a conventional approach for looking into
walk using neural oscillators [15, 16].

In the case of the above described experimental hardware,
the legs are made to open in the moving direction by a given
angle in order to prevent falling because the machine does not
have any ankle joints. A pitch oscillation is generated by
producing a linear motion (LM). A feedback pathway is intro-
duced as shown in FIG. 23 in order to continue the oscillation.
For the stance leg, mutual inhibition is applied to the stretch-
ing/contracting sides thereof in order to continue the oscilla-
tion. During the double support phase, the feedback is regu-
lated in the direction of stretching the legs according to the
pitch of the trunk. More specifically, if the trunk is inclined
forwardly, the support leg period of the forward leg is
extended. Since the forward leg and the backward leg are
coupled in a manner as shown in FIG. 21, a forwardly/back-
wardly stepping motion is generated by oscillation.

A stepping motion was confirmed as a result of regulating
the parameters experimentally. When an external disturbance
is applied, it was confirmed that the stepping motion is
restored by extending the stepping period and the support leg
period. When the robot is inclined remarkably forwardly and
the backward leg is lifted, the magnitude of the restoration
moment depends on the profile of the soles because the sensor
feedback for keeping balance is effective only in the double
leg support period.

B-1-4-3. CPG+State Machine
A walking motion is produced by combining the stepping

motion realized in the immediately preceding section and a
swing motion. A state machine is used to switch the legs and
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simply the angle target value of the forward leg and that of the
backward leg are switched when the backward leg is a swing
leg and the forward stability margin falls below a given level
(see FIG. 24).

Intuitively speaking, the walking motion is realized by
“step forward when the robot is about to fall”. It was con-
firmed that the robot can walk when this is applied to the real
hardware. At this time, the parameters of the neural oscilla-
tors, the PD gain, the amplitude of the LM, the amplitude of
the SW and the threshold value of the stability margin were
manually tuned. While the distance of continuous walk varies
due to the hardware problems of the experimental hardware
(changes in the characteristics of the machine caused by the
heated motors and so on), the robot can always walk by 50
steps or so (360 continuous steps, a walk distance of 50 m, a
walking velocity of 0.4 m/s at maximum). Additionally, the
robot can adapt itself to a certain extent to changes in the
material of the floor and the force resisting the moving robot.

When combined with the swing motion, the stepping
motion is automatically regulated in terms of stride and
period and the robot moves like a living thing. This may be a
phenomenon that is observed when both the trajectory plan of
the CPG and that of the state machine do not explicitly con-
tain time.

B-1-4-4. CPG Only

Now, let us consider about realizing a swing motion (SW)
by driving the legs by means of neural oscillators. Since a
swing motion needs to be coordinated with a linear motion
(LM), the output of the LM is input to the SW by inverting the
sign of the output (see FIG. 25).

In the case of this combination, the phase difference
between the LM and the SW is 180 [deg]. The frequency of
the SW is made equal to that of the LM. As a result of an
experiment, it was found that the robot can walk as in the case
of using a state machine.

However, if compared with the use of a state machine, it is
difficult to bring the robot into a steady state from the very
start of a walk. This may be because it takes time for the SW
to be entrained by the LM with an appropriate phase relation-
ship. FIG. 63 shows the results of a simulation and FIG. 26
shows the comparable results of an experiment. While the
optimum phase difference between the LM and the SW is
limited to 180 [deg], it is clear from the actual data that the
SW is entrained with a phase delay.

It is also clear that the knee joint of a touching down leg
also shows a large deviation. This is attributable to a small
gain. From the viewpoint of conventional trajectory tracking
control, this may be regarded as poor control characteristics.
However, it is also possible to say that the robot is walking,
actively utilizing the virtual spring-damping characteristics
of small gain actuators as in the case of the quadruped
machine of Kimura et al. From this result, it is clear that the
gain significantly influence the walk of the robot.

FIG. 64 is a phase plan view showing the change in the
phase of an oscillator obtained as a result of a simulation
where the left hip joint is regarded as a physical oscillator
(PDF) doing a periodic motion and FIG. 27 shows the com-
parable result of an experiment. From the diagrams, it is clear
that a limit cycle is formed there. Since a large change arises
in the angular velocity at the time of touch down, it is clear
that the toe does not contact the floor with a zero relative
speed at the time of touch down. Since the impact involved
there makes the behavior of the robot unstable, the conven-
tional ZMP technique avoids such an impact. The robot
shows an unnatural walking manner of “stealthy steps”.
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On the other hand, as it seems that man walks, actively
utilizing collisions of the heels to regulate the walking speed,
the contact of the toes of a robot with a zero speed relative to
the floor may make its walk appear to be closer to the walk of
man. As for the walk period, while the natural walk period of
aneural oscillator is 0.33 seconds per step, the walk period in
a steady state is 0.368 seconds in average to prove that it is
regulated by the entrainment characteristics. Additionally,
since it is relatively close to man’s walk period and differs
from the latter by 8%, such a value may represent a rather
natural walk of robot. The stride of walk of the robot is not
necessarily constant and different strides for the left and right
legs are observed. However, regardless of the difference of
stride, the robot is able to continue walking to prove that the
present algorithm can be applied even if the robot shows
different strides. Now, let us consider about adjusting the
walking speed by adjusting the stride.

Taga reports that the walking gait of a robot can be changed
from walk to run by increasing the steady input value ¢ that
changes the activity (amplitude) of the neural oscillators [6].
The value of ¢ can be varied between 1.8 and 3.5 and the robot
cannot walk outside the range of the steady input value. When
¢ is small, the stride is reduced excessively, the stability
margin is reduced so that the robot can easily stumble and fall.
When the stride is increased excessively, on the other hand,
the gait of the robot becomes unstable because of the large
impact that the robot receives as the swing leg touches down.

The impression of the walking gait ofthe robot varies as the
value of ¢ changes. The walking gait of the robot gives a
graceful impression when the value of ¢ is small, whereas it
gives a marching impression when the value of c is large.
Therefore, c may be used as means of expression.

FIG. 28 is a graph illustrating the relationship of steady
input value ¢, non-dimensional value of walking velocity/
mechanical energy consumption/moving efficiency and spe-
cific resistance. The consumed energy is computed from the
torque command value to the servo driver and the measured
angular velocity and the specific resistance is computed by
using the consumed energy and the measured walking veloc-
ity. Itis possible to increase the stride and change the walking
velocity by increasing the value of c. However, the range of
velocity adjustment is limited and may depend heavily on the
radius of the circular arc of the sole in the case of this experi-
mental hardware that does not have any ankle joints.

The current algorithm is intended to make the robot keep
on walking by actively utilizing the dynamic effect and the
robot can walk only within a frequency range close to the
natural frequency of the machine body in the pitch direction.
This characteristic is a problem common to walks of robots
that actively utilize the passive dynamics of the machine body
as remarkably observable in “Passive Dynamic Walking”
[17]. It seems that a low walking speed movement indispens-
ably requires a control operation using the ankle torque and a
feedback pathway. Taga argues that stepping on the spot and
steady walking require different frameworks.

The energy consumption increases as the value of ¢
increases. It is found by determining the specific resistance
that the energy consumption is minimum and the specific
resistance shows a large value when ¢ is equal to 1.8. By using
the current algorithm, it is possible to make a legged mobile
robot move with a very high-energy consumption efficiency.
The energy consumption is determined purely from the
machine output and the electric power being applied to the
actuators is about 340 [W] when ¢=2.05 (efficiency: 0.7%). In
the case of Spring Flamingo [18] that aimed at high efficiency
walking, the electric power was 200 [ W] for a machine output
of 5 [W] (efficiency: 2.5%). Thus, the hardware characteris-
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tics may need to be improved as a matter of top priority to
improve the net efficiency particularly in terms of long battery
operation times.

By observing a walk realized by the current algorithm, it is
found that the knees are bent only to a small extent. FIG. 29 is
a graph illustrating the results obtained by comparing the
maximum torques of joints normalized by leg length/mass
and those obtained by using typical target ZMP criteria. From
the graph, it will be seen that the torque applied to the knees
is reduced to about %A.

One of the most important advantages of the current algo-
rithm is that it is possible to select a low joint gain. The reason
why many of the currently available legged mobile robots are
inevitably expensive is a large gain selected to realize trajec-
tory tracking with an enhanced degree of precision. To obtain
alarge gain, it is necessary to meet rigorous hardware require-
ments including reduction of gear backlash and improvement
of response characteristics. Additionally, a state where the
joint stiffness is high is very dangerous from the viewpoint of
human-robot interactions. Reflex-based motions vary
depending on the environment. Therefore, the response of the
robot to a fall can vary depending on the conditions surround-
ing the robot. The inventors of the present invention think this
characteristic aspect of the robot may be a key point for
making the robot not boring to man.

B-2. Learning of Man’s Walk by Means of a Motion Learning
Primitive and Applications Thereof.

Humanoid Robots including SDR (Sony), ASIMO
(Honda), HRP (National Institute of Advanced Industrial Sci-
ence and Technology) and H7 (The University of Tokyo) have
been developed and the advancement of high level biped
locomotion is remarkable. A walk pattern is generated by a
joint trajectory plan using a ZMP in many of them (as
described earlier). While motion generation algorithm using a
ZMP as criteria are well proven techniques for realizing biped
locomotion on a stable basis, a trajectory plan requires an
operation of accurately modeling a robot and a high precision
trajectory tracking control system is needed to realize a
motion. Additionally, the problem of a walk pattern with bent
knees has been pointed out. Such a walk pattern is designed to
avoid singular posture of inverse kinetics.

Apart from this, attempts have been made to generate walk-
ing motions with the autonomous adaptive mechanism of a
CPG using neural oscillators biologically inspired control
algorithm (as described earlier). Neural oscillators proposed
by Matsuoka and obtained by nonlinear differential equations
for modeling flexors and extensors are widely used as CPG
[2] and applied for controlling periodic motions by utilizing
the entrainment property that accompanies interactions with
the environment. Specific examples include control of biped
locomotion [19, 20], control of quadruped locomotion [12],
juggling [21], drumming [4] and slinky (coil spring) control
[3]. However, there still remains problems for designing the
control system including how to design mutual combinations
of oscillators and the difficulty of tuning the parameters of the
oscillators to be used for realizing a target motion.

In this section, attention is paid to physical and dynamic
properties of a walking robot and techniques for designing a
control system that can realize a natural and smooth walking
motion for a robot so as to make it appear like man will be
described. The inventors of the present invention are looking
into motion generating/motion describing algorithms for
realizing complex and smooth motions like those of man by
mimicking. The inventors of the present invention have
already proposed to describe a joint trajectory by a nonlinear
differential equation and a motion learning primitive that can
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quickly learn demonstrated movements of a teacher by means
of a statistic learning technique [22]. In this section, an opera-
tion of generating a walking motion of a robot by using a
rhythmic movement primitive having a limit cycle attractor
formed on the basis of a phase oscillator and locally weighted
learning (locally weighted regression) [23] as CPG model,
learning the walking motion of man and appropriately scaling
the acquired motion. FIG. 30 is a schematic conceptual illus-
tration of the operation.

The advantages of using this primitive as CPG include that
it can quickly learn demonstrated movements of a teacher
typically in the form of a measured walk pattern of man and
that it is easy to scale the amplitude, the period and the offset
of the learned rhythmic motion. In this section, phase reset-
ting using the feedback from the environment [24] and a rule
of autonomous application of a walking period, utilizing the
entrainment caused by interactions of a phase oscillator, a
machine system and the environment will be proposed and
the fundamental effectiveness of the technique will be dis-
cussed by way of numerical simulation.

In this section, a numerical simulation using a biped robot
with plane five links as shown in FIG. 31 as model. The total
height ofthe robot is 40 cm and the weight ofthe robotis 3 kg.
It uses the physical parameters for the numerical simulation
as listed in the table below.

TABLE 2
linkl  link2  link3  link4  links
mass [kg] 005 043 10 043 005
length [m] 0.2 0.2 001 02 0.2
inertia 175 429 433 429 175
(x107 [kg - m])

Referring to FIG. 31, assume that the robot has two actua-
tors at the hip joints and also has two actuators at each of the
knee joints and its motion is constrained to a sagittal plane. In
the simulation, the dynamic equation of the robot is derived
by using SD/FAST [25] and integrated at time intervals of 1
millisecond by means of the Runge-Kutta Method and the
reaction force of the floor is computed by means of a spring/
damper model for the contact with the floor.

B-2-1. Learning from Human Walking with Dynamical
Movement Primitives

B-2-1-1. Rhythmic Dynamical Movement Primitives

In this section, the dynamical movement primitives [22]
proposed by the inventors of the present invention is briefly
described. The motion learning primitive is adapted to
describe demonstrated movements of a teacher by means of a
nonlinear differential equation and quickly learn the motion
by means of a statistic learning method so as to be used to
generate a motion for the robot. Formulation of the motion
leaning primitive for a periodic motion will be described
below.

As a basic periodic motion pattern generator, let us con-
sider a limit cycle oscillator system expressed by a polar
coordinate system (P, r) that is expressed by the formula
below,

=1 T=—p(r-rg) [formula 8]

In the formula above, (®, r) respectively represent the
phase and the amplitude of the oscillator. T is a time constant
and r0 is a (relative) target amplitude, while p is a positive
constant. The phase dynamics of the above formula can also
be expressed by the formula below. It should be noted that the
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formula below corresponds to a phase generator for generat-
ing a phase signal @ for a periodic motion of a robot as
oscillator.

¢ = w where w o 1/t [formula 9]

The output y of the motion learning primitive is expressed
by the formula below, which shows secondary system dynam-
ics using the state (®, r) of the phase oscillator and v (hat)=[r
cos @, r sin @] T obtained by coordinate transformation as
input.

12=0, (B3, -¥)-2) =z+f (%, §)

In the above formula, a.z and Pz are positive constants and
ym is the offset of the output, while f represents a nonlinear
function approximater using local linear models [23]
expressed by the formula below, which local linear models
are weighted by Gaussian yi=exp (<hi (mod (P, 2m)—ci)2).
The output is obtained by calculating the weighted average of
the local linear models.

[formula 10]

[formula 11]

In the above formula, wi is a parameter of the local linear
models, which is determined by locally weighted regression
when a demonstrated trajectory is given as will be described
in greater detail hereinafter.

The above two formulas [formula 10] and [formula 11]
describe a periodic motion of a robot such as a walking
motion by means of phase information ® and correspond to a
controller for controlling the operation of driving a movable
section such as a leg. With such a controller, it is possible to
continuously change with ease the amplitude, the synchroni-
zation, the offset and so on by simply selecting parameter
values.

FIG. 32 is a schematic illustration of alternations made to a
learnt trajectory of motion to show a characteristic feature of
the motion learning primitive described in this section. It is
possible to change with ease the amplitude, the period and the
offset of a learnt motion by changing the parameters r0,
T(=1/w) and Ym. The inventors of the present invention veri-
fied the effectiveness of the motion learning primitive in an
experiment where humanoid robot DB is driven to draw
numeral 8 and learn a drumming motion [22].

B-2-1-2. Biped Robot Control System Using a Motion Learn-
ing Primitive

FIG. 33 is a schematic and conceptual illustration of the
control system of an embodiment of robot according to the
invention. A motion learning primitive as described in B-2-
1-1 is used as CPG model and the output is used for target
joint trajectory Odes of the robot. Here, a motion learning
primitive is used to generate the target trajectory of each of the
joints (i=1 to 4). A local PD controller is used for controlling
the joint angle of each of the joints of the robot. Touch down
information is fed back from the robot to the CPG for phase
resetting [24] and updating the natural frequencies w of the
oscillators.

In this section, the operation of reducing the phase of the
oscillator of the touch down leg to ®=0 and that of the oscil-
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lator of the other leg to ®=m at the time of touch down will be
described as phase resetting. The rule for updating the natural
frequency of each of the oscillators for adapting it to the
walking period will be described in detail in B-2-4. Phase
resetting will be discussed in detail later in this section.

B-2-1-3. Learning a Walk Pattern of Man

Walk Data: In this section, joint angle data of a walking man
(at right hip joint and right knee joint of male, 29 years old,
height: 176 cm, weight: 83.5 kg) are used [26]. In the future,
data will be collected on various conditions for learning. The
left graph in F1G. 34 shows the joint angles obtained from the
collected data and the right graph in FIG. 34 shows the joint
angles of a period from a touch down to the next touch down
of' the right leg. In the learning session that will be described
in the next section, the trajectory of a period is repeated for 20
periods and the obtained period trajectory is used as leaning

15

30

FIG. 35 shows graphs illustrating some of the results of
learning a walk trajectory of man of'a motion learning primi-
tive. Since only data on the right leg is collected in the simu-
lation described below, the learning parameters that corre-
spond respectively to the right hip joint (R_HIP) and the right
knee joint (R_KNEE) are determined from the data on the
right hip joint and the right knee joint. Then, a target walk
trajectory is generated by using the learning parameters for
the right hip joint and the right knee joint respectively for the
left hip joint (L_HIP) and the left knee joint (I._KNEE) and
shifting the phase of the left oscillators by mt[rad] from that of
the right oscillators.

B-2-1-4. Numerical Simulation

Selection of Parameter Values: In the numerical simula-
tion, the following parameter values are selected for the
motion learning primitive, the PD controller and so on as
shown in the table below.

TABLE 3

Parameter Description

Value used

Dynamical primitives  tq (relative) amplitude 0.7 for all joints
w natural frequency 6.28 rad/s (1.0 Hz) after 10 steps for all joints
You offset Hip: y,, = 0.0 and Knee: y,, = 0.35
Phase resetting ¢; phase ¢ =¢,=0, ¢3 = ¢, = 7 at left leg heelstrike
¢, = ¢, =7, ¢3 = ¢, = 0 at right leg heelstrike
PD gains Kp position gain Hip: Kp= 8.0 and Knee: Kp = 6.0
Kp velocity gain 0.05 for all joints

data. The walk data of FIG. 34 are used only for the sake of
convenience and it is desirable to obtain data of a sufficiently
large number of periods when acquiring walk data by actually
observing a walk of man. From the data, period T=1.17 sec-
onds and frequency f=1/T=0.855 Hz are estimated by obtain-
ing the power spectrum and the autocorrelation by means of
discrete FFT.

Locally Weighted Learning: A technique of determining
locally weighted learning [23] by using the learning param-
eter wi in the above formula [formula 10] that corresponds to
a controller when the joint trajectory ydemo is obtained from
an exemplary motion of man will be described.
Assume that a data point at a given time t or data point
(ftarget, v (hat)) is given.
Seargee™V aemo= BV demo) [formula 12]

At this time, the learning parameter wi is updated sequen-
tially by locally weighted regression [23].

wf*l =wl+ Pf‘flr;e‘., [formula 13]
where
1 Pyt P [formula 14]
Pt =1 P- T : — |+ &1 = fuarger — W] ¥,
7+ vl Py

where Ae[0, 1] is forgetting coefficient. For leaning, it is
possible to approximate an unknown object of approximation
with a desired level of approximation accuracy without deter-
mining the structure of the function approximater in advance
by adding the number and the arrangement of local models
and optimizing the related region of the local model on an
online basis.
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Currently, the above parameter values are empirically
determined by simulations. However, the physical signifi-
cance of these parameters is rather intuitive particularly for
period and amplitude and hence they can be regulated rela-
tively easily if compared with other CPG models. In the
simulation described in this section, the period of the oscil-
lators is shifted stepwise and made equal to 1.5 seconds from
the start of walk to the second step (in terms of angular
frequency w=4.19 rad/s), 1.2 seconds from the third step to
the ninth step (in terms of angular frequency w=5.24 rad/s),
1.0 seconds from the tenth step and on (in terms of angular
frequency w=6.28 rad/s). These values are obtained empiri-
cally. In the following description, the rule of autonomous
adaptation of walk period that uses the entrainment phenom-
enon and the rule of scaling the period that are obtained from
the results obtained by applying the rule of autonomous adap-
tation will be discussed.

Results of Simulation: In the simulation, the designer gener-
ates a trajectory for making the first step of walk from a state
where the two legs are put side by side on the floor. FIG. 36
shows graphs illustrating target joint trajectories and the tra-
jectories of the joints of the robot with the output of the
motion learning primitive for t=0to 20. FIG. 37 shows graphs
illustrating the target joint trajectory of the left leg of a robot,
the trajectories of the joints and the touch down timings of the
legs for two walk periods (four steps). FIG. 38 shows graphs
illustrating joint torque command values. The command
speed of the hip joint and that of the knee joint are found
within respective ranges of —-3.12 to 2.22 rad/s and -6.09 to
5.23 rad/s.

It will be seen from the torque command value of the knee
joint at time t=11.2 to 11.6 seconds that practically no torque
is required to swing out the knee. From this finding, it is
conceivable that the swing of the link under the knee is made
passively by utilizing the swinging out motion of the thigh
link. FIG. 39 is a schematic illustration showing how a robot
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walks in a steady state. The time interval between two con-
secutive frames is 66 milliseconds.

B-2-2. Autonomous Adaptation of Walk Period Utilizing
Entrainment of Phase Oscillator

B-2-2-1. Synchronization of Coupled Phase Oscillator Sys-
tem by Entrainment Entrainment by Phase Difference Feed-
back:

Firstly, synchronization of a coupled phase oscillator sys-
tem by entrainment of phase difference feedback will be
described [27]. Let us consider the dynamics of two coupled
phase oscillators as shown in FIG. 40. The formula below
corresponds to a phase generator that generates phase infor-
mation ®1 and P2 relating to the periodic of two movable
sections of a robot.

$1=0+K, (42-¢1)

b0+ Ko (1-92)

When the phase difference  is defined as y=02-P1, the
time differential is expressed by the formula below.

P=(02-0 )~ (K +Ko)p

Then, the equilibrium point * is defined by the formula
below.

[formula 15]

[formula 16]

L W2
v T K +K,

[formula 17]

The frequency of each oscillator is entrained in a manner as
defined by the formula below.

. Ko +Kjwy
K +K,

[formula 18]

Therefore, it will be seen that, as a result of entrainment of
each oscillator, the oscillators oscillate in an asymptotically
synchronized manner with frequency w*=(K2wl+Klm2)/
(K1+K2) and phase difference p=02-P1=(w2-wl)/(K1+
K2).

Achievement of Target Phase Difference by Adaptation of
Natural Frequency:

In the case of the above described phase oscillators, if the
natural frequencies w1 and w2 of the oscillators are fixed,
they oscillate in a synchronized manner with phase difference
YP=02-P1=(02-wl)/(K14K2) as a result of entrainment. If
wl=w2, it will be clear that the oscillators oscillate with phase
difference 0. Therefore, let us consider here about introducing
dynamics of updating the natural frequencies as expressed by
the formula below and asymptotically making wl—=w2 to
realize synchronization by concordance of frequencies and
phase difference 0 by means of entrainment.

$1(0=0  (D+K (@2()-9, ()

0, () =—K(0-0,())

Go(D=0+K (91 (D) -42(1)

Thus, since w1—w2 asymptotically takes place, the phase
difference 1p=02-D—0 is realized.

B-2-2-2. Rule of Autonomous Adaptation of Walk Period

In this section, application of the above described mecha-
nism of entraining coupled phase oscillators to autonomous
adaptation of walk period in walk control using a motion

[formula 19]
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learning primitive will be discussed. As shown in FIG. 30, the
control system of this embodiment can be regarded as a
combination of a CPG using a motion learning primitive and
a machine system oscillator (robot).

With regard to generation of a target joint trajectory using
a sine synthetic wave, the inventors of the present invention
considered to update the frequency of the pattern generator by
means of the formula below, using the measured time that the
robot takes for a step.

i () (formula 20]

The phase estimator handles with measured phase value on
measured, which is based on state quantity V, as estimated
phase value. Note, however, that the formula below holds
true.

n _ = [formula 21]
‘measured = T

measured

W,

Tn measured is defined as the time that the robot takes for
a step at the n-th step (a half period for the oscillator). From
the viewpoint of the dynamics of phase oscillators described
in B-2-2-1, this is exactly what the above formula [formula
19] is made discrete. However, since no feedback is made for
the phase difference simply by updating the frequencies, it
will be clear that the above arrangement is not sufficient for
realizing a desirable phase difference by entrainment. There-
fore, in this embodiment, a rule of adaptation as expressed by
the formula below is introduced into the motion learning
primitive (phase generator) in order to further feed back the
phase difference discretely by “phase resetting” at the touch
down time according to the description of B-2-2-1. It is pos-
sible by phase resetting to improve and stabilize the transient
characteristics in a walk or some other motion (as will be
described in greater detail hereinafter). The formula below
corresponds to the updating rule of a phase generator for
updating the phase signal on the basis of the phase and angu-
lar frequency values estimated by a phase estimater.

b = & + 80 = neetsrive) Bavirite — ) [formula 22]

antl _ an n n
O =0 + K(Wheasured — @)

In the above formula, n is the number of steps and @
robotheelstrike is the phase of the machine system oscillator
(robot) at the touch down time. More specifically, phase reset-
ting is defined relative to the primitive (phase generator) so as
to be ® robotheelstrike=0 at the touch down time of the own
leg and ® robotheelstrike=rt at the touch down time of the
other leg. The relationship of the rule with the analysis of the
dynamics of the phase oscillator of B-2-2-1 suggests that
desirable synchronization is realized for realizing a walk of
the phase oscillator and the machine system oscillator. While
 is updated discretely in this section, it is also possible to
introduce a rule of adaptation as defined by the formula below
to update » continuously and take the gain of the phase
feedback into consideration.

¢ = w + K18t = theetsrive) Beiirive — $) [formula 23]

@ = K2 (Wpeasureq = @)
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B-2-2-3. Numerical Simulation

The rule of autonomous adaptation of walk period
described in the immediately preceding section will be simu-
lated in this section. A value of4.78 rad/s (period of oscillator:
1.5 seconds) is selected for the initial value of angular fre-
quency m. FIG. 41 shows graphs illustrating some of the
results of a walk simulation when incidence numbers of
K=0.2, 0.5 and 0,8 are selected. In FIG. 41, the left graph
shows the time required for a step while the right graph shows
the updated values of angular frequency . It will be appre-
ciated from FIG. 41 that autonomous adaptation of walk
period is realized by mutual entrainment of a CPG and a
machine system.

B-2-3. Discussion on Motion Scaling

The designer empirically scaled the walk period in order to
realize a walk for the robot in the simulation described in
B-2-2-3. However, as described in B-2-2-2, a walk period that
is desirable for the physical characteristics of the robot may
be obtained by utilizing the phenomenon of entrainment so as
to make the CPG and the machine system operate in a syn-
chronized manner without explicitly giving a target period.
Thus, the relationship between the measured walk period of
man and the walk period of the robot obtained as a result of
autonomous adaptation will be discussed in this section.

Assume that the swing leg of a walking man is swung out
forward by a free oscillation and let us consider the motions of
two single pendulums having different length as shown in
FIG. 4. It is well known that the motion of pendulums that are
assumed to be linear dynamics is expressed by the formula
below.

B4 ?0 -0 [formula 24]

Then, the natural frequency w is expressed by the formula
below.

w= |8
R

Therefore, when the frequency whuman of walk of man,
the length lhuman of the legs of man and the length Irobot of
the legs of arobot are given, the desirable frequency wrobot of
the robot can be estimated on the basis of the ratio of the
frequencies of the single pendulums by the formula below.

[formula 25]

[formula 26]

[F—

Wrobot = Whuman 7
robot

Now, the relationship between the walk data of man and the
walk period of the robot obtained by autonomous adaptation
in the simulation of B-2-2-2 will be discussed below.

The walk data contained in the Reference Document [26]
arethose of amanaged 29 withaheight of 176 cm. Itis known
by human anatomy that the length of the legs takes about 49%
of the height of man [28]. Therefore, it is assumed here that
the length of the legs of man is lhuman=1.76x0.49=0.86 m.
Since the length of the legs of the robot is lrobot=0.4 m, it is
possible to estimate the walk frequency and the time neces-
sary for a step of the robot by using the formula below, on the
basis of the scaling rule of the above formula [formula 26].
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WLAK FREQUENCY: ®,,,,,~7.87 rad/s

TIME NECESSARY FOR A STEP: 0.399 sec [formula 27]

As a result of the simulation of a robot, using the rule of
adaptation of B-2-2-2, the approximation formula shown
below is obtained (average values between the 90th step to the
100th step for K=0.2, 0.5 and 0.8).

WLAK FREQUENCY: 0,,,,,~8.120 rad/s

TIME NECESSARY FOR A STEP: 0.387 sec [formula 28]

The above result suggests that the error between the esti-
mated values and the corresponding respective values
obtained by the simulation is about 3% and it is possible to
compute the desirable walk period of the robot on the basis of
the frequency scaling rule of the above formula [formula 26].

Now, that phase resetting is effective for the robustness of
walk relative to external disturbances will be illustrated by
means of a simulation. In this simulation, external pushing
force is applied to the walking robot forwardly or backwardly
for 0.1 sec. at various timings as external disturbance to see
how long the robot can continue its walk without falling
against the external force what was made to vary. More spe-
cifically, the magnitude of external disturbance that the walk-
ing robot can withstand and continue walking for every phase
@ (at intervals of 0.1 rad) between 0 and 2t was observed.
FIG. 65 shows a graph illustrating tests involving phase reset-
ting and those not involving phase resetting in comparison.
FIGS. 66A and 66B illustrate instances of response where
external force of -2.0N was applied for 0.1 sec. as external
disturbance at ®=2.0rad (to push the robot backward by force
ot 2.0N). FIG. 66 A shows an instance involving phase reset-
ting, whereas FIG. 66B shows an instance not involving phase
resetting. From the obtained results, it is seen that phase
resetting is effective for improving the robustness of the robot
relative to external disturbances.

B-2-4. Phase resetting for Distributed Type Phase Generator

According to the present invention, a robot is regarded as a
physical oscillator that shows a periodic motion and a phase
generator for generating phase signals is defined. [f a plurality
of movable sections that independently show respective peri-
odic motions (e.g., left and right legs, a combination of legs
and a trunk etc.) are found, a plurality of phase generators are
defined for each movable section as described above by refer-
ring to FIGS. 6 through 10.

On the other hand, while a neural oscillator (CPG), passive
dynamics, state machine, reinforcement learning, optimiza-
tion and kinetic energy constraint can be used in place of a
ZMP for the purpose of realizing machine motions that
resemble motions of living things, it is difficult to build a
realistic design theory that can cover all the nonlinear
dynamic systems (that are not based on mathematic prin-
ciples).

Thus, as a matter of consequence, an idea of describing
interactions of a plurality of distributed neural oscillators and
aphysical world by means of phase response curves or phase
resetting curves) for designing a robot is conceivable. Since it
is only necessary to deal with phase oscillators and hence,
when the physical world is set a part, it only requires to
analytically obtain a solution for establishing a stable period
for a discrete dynamic system. Thus, the net result is very
simple. While the entire system is a hybrid control system, it
is simplified by approximation of the feedback from the
physical world by phase resetting. Inversely, with regard to
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the action of the neural oscillators to the physical world, a
continuous flow of information is assumed by using at least
part of the gain of the local feedback for the target trajectory,
torque, the motion command for muscles, stiftness and devia-
tion from the target trajectory. As for the influence of the
oscillators on the phase, two or three phase resetting opera-
tions, if possible only a single phase resetting operation, will
be conducted within a period.

As for mutual synchronization of the phase generators that
are arranged in a distributed manner, while it may be possible
to design it with diffusion of stable variables and/or a system
of continuous dynamics that involves a sine function of phase
difference and so on, it may be better to design it by means of
a phase response curve from the viewpoint of obtaining a
good perspective for designing and realizing different phase
differences (gates).

The description of a complex behavior (including walk)
caused by a chain of stimulus—response—stimulus—
response made by Sherrington, founder of reflexology, is
simplistic when it tells that the existence of a CPG that gen-
erates a rhythmic motion without requiring a stimulus is
denied by actual proofs. For instance, it is said that a stick
insect (seven joints) walks on such a principle and a CPG is
modified by the inputs from the senses. While a state machine
does not positively have any oscillators, it may be described
by further roughly viewing the phase of oscillator, dividing it
into a small number of regions and paying attention only to
the top-down type motion program for a motion system that is
driven only in a certain range of phase. Then, it may be safe to
say that phase oscillators are arranged in the background of a
state machine in a negative sense of the word. The theory of
designing a robot according to the invention intrinsically lies
on systematically reducing a state machine to phase oscilla-
tors and phase resetting.

FIG. 43 is a schematic illustration of a phase oscillator and
the mechanism of phase resetting. In the illustrated instance,
neural oscillator N that corresponds to a phase generator and
physical oscillator P comprising sensors for detecting mov-
able sections and their state quantities are extracted from a
state machine, which may be a legged mobile robot. The
neural oscillator N continuously supplies phase information
@ and/or control output U based on the phase information. On
the other hand, the physical oscillator P supplies phase reset-
ting information.

The inventors of the present invention are thinking of phase
resetting for a phase generator by means of a continuous
interaction or by approximating a certain continuous interac-
tion. The reason for this is as follows. It can be argued that
walk is realize by discrete phenomena including touch down,
stance and swing. As far as hybrid control of discretely reset-
ting the phases and continuously controlling trajectories,
force and stiffness is concerned, it may be rational from the
viewpoint of nonlinear dynamic system to apply rules of
continuous control that are identical in terms of quality when
topologically identical open or closed kinematics chains are
involved and reset the phases (and hence a plurality of pro-
grams) discretely, paying attention to a discrete event (touch
down).

The phases of the legs are discretely estimated in a walking
motion in such a way that the phase of the touch down ofaleg
is ®=0 and that of the touch down of the other leg is ®=r by
utilizing the switches on the soles as described above in
B-2-2. FIG. 44 is a schematic illustration of a mechanism for
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phase estimation that utilizes the switches on the soles of a
two-legged mobile robot. In the illustrated instance, the
phases are reset each time when lift off or touch down is
detected by one of the switches on the soles of the left and
right legs. More specifically, the left and right legs alternately
take stance and swing in a period and the period is repeated.

Since information on touch down shows a higher degree of

confidence than information on lift off, the former is more

suitable for the timing of phase resetting.

However, it is not exquisitely accurate to estimate a dis-
crete event (phase) only by means ofthe switches onthe soles.
In other words, the degree of confidence can be raised by
estimating the phases by means of not only the switches on
the soles but also other various state quantities. It is desirable
to estimate the phases by means of a feed forward neural
network, taking the degree of confidence into consideration,
so that the phases may be reset when the degree of confidence
is high and the situation is critical. It may be desirable that the
small brain cerebellum has a phase estimater (forward model)
and a phase resetter (reverse model).

FIG. 45 is a schematic illustration of the mechanism of
phase resetting by a continuous interaction. A plurality of
movable sections that show independent periodic motions are
found from the machine body of the robot. Neural oscillators
N1, N2, N3, N4 are defined as phase generators for each body
member of the robot.

The phase generators N1, N2, N3, N4 output phase infor-
mation to controllers C of a lower order that are physical
oscillators. Then, the controllers C generate control informa-
tion that is output to the corresponding movable sections
according to the phase information.

In the illustrated control mechanism, each phase generator
is provided with a phase feed forward model (i.e. phase esti-
mator). Thus, as the state quantity of a movable section is
detected, the phase or the angular frequency of the periodic
motion of the movable section is estimated on the basis of the
state quantity. Then, the estimated values are fed back to the
phase generators N1, N2, N3, N4, which by turn updates the
phase signals according to a predetermined updating rule,
using the estimated phase or angular frequency.

The sequence of operation of the control mechanism illus-
trated in FIG. 44 will be described below.

(1) The neural oscillators N that operate as phase generator
switch the controllers C of a lower order that control the
operation of driving the movable sections.

(2) The phases of the neural oscillators N that operate as phase
generators are reset according to the single phase (or sev-
eral phases) of the movable sections of the physical oscil-
lators.

(3) The phase generators are made to become synchronized
with each other according to the behavior of the neural
oscillators in the period-phase physical system by using a
phase response curve. The phase response curve will be
described in greater detail in the next section.

(4) A forward model for phase estimation is used for phase
resetting.

B-2-5. Updating Rule of Phase Generators Using Phase
Response Curve

The updating rule of the phase generators is reliably
designed to produce a stable period solution in a form that can
be intuitively understood with ease by using a phase response
curve (PRC), or phase resetting curve.

A phase response curve shows the relationship between an
external stimulus and the change in the phase of an oscillator
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as observed in rhythmical phenomena that gives rise to con-
cordance in a living body (e.g., a cycle of sleep and wake,
finger tapping of man). For example, if an external distur-
bance is applied to a pendulum in a periodic motion for a short
period of time, the pendulum restores the original motion of
the same period after the elapse of a long time if the external
disturbance is not so significant. While the motion obtained as
a result of convergence may have a period same as the period
of the original motion before the external disturbance, there
may arise a phase shift. A phase response curve (PRC) is a
curve on a graph where the horizontal axis represents the
timing of application of external disturbance and the vertical
axis represents the produced phase shift (forward or back-
ward).

Let us consider about a phase response curve as shown in
FIG. 46 as example. If the phase signal generated by the phase
generator is @k, a phase shift of A®k arises when a signal is
input from the phase estimator. Then, let us generate a peri-
odic motion that is desirably in concordance with an external
rhythm by designing such a phase reaction curve so as to
effectively utilize the dynamics of the robot machine body. A
framework of reinforcement learning can be used for design-
ing such a PRC.

Assume here that the phase estimater generates discretely
an output once per period. More specifically, it outputs a
signal when the right leg of the robot touches down. Then, let
us consider an updating rule for discretely carrying out a
phase shift of ADk, using the phase response curve. For the
purpose of simplicity, it is assumed here that frequency o is
not updated. In other words, TP and TN respectively show
constant values.

FIG. 47 is a schematic illustration of a differential equation

of entrainment, where TN is the natural period of the phase
generator and TP is the natural period of a movable section of

T
o = F(l —é — Ar(de))
2
T
Gpr1 = F(l = ér — Ax(dy))
2

T
Gt = 7= = L+ G + Ar(de) -

T

the robot that does a periodic motion, while @ is the phase of
the neural oscillator that operates as phase generator, A(d) is
the phase response curve of the phase generator (whose sign
is positive when moving forward) and @k is the phase of the
neural oscillator when a pulse is generated by the physical
oscillator at the time of the k-th sampling.

From FIG. 47 and formulas (1) and (2) below, the phase
@k+1 at the time when the phase estimator generates the next
output on the new phase that is produced after the phase
regulation, using the phase response curve PRC, is expressed
by formula (3) below. It is essential for a stable periodic
motion that the output of the phase generator and the input
from the phase estimator shows a certain fixed phase relation-
ship after the elapse of a sufficient time. Thus, ®k+1=®k in
the formula (3). Therefore, an equilibrium point is obtained as
expressed by formula (4).
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Old phase ¢y o [formula 29]
New phase ¢, + A(¢y) 2)
bt = e+ A0+ 2 (3
Equilibrium A($,) = TNT—_NT” @

Ty > Tp: need phase advance

Twn < Tp: need phase delay

It is possible to graphically obtain stability of stationary
solution by using a phase response curve PRC. FIG. 48 illus-
trates the upper formula (4) shown on a phase response curve.
As illustrated, the points of intersection of the formula and the
curve represent the phase shift after convergence. If the gra-
dient of the phase response curve is negative, the points of
intersection are points of stable equilibrium to indicate that a
stationary periodic solution exists. If, on the other hand, the
gradient of the phase response curve is positive, no stable
solution exists because the phase diverges. Thus, it is possible
to graphically guarantee the existence of a stationary periodic
solution with ease by designing such a phase response curve.

A design using a phase response curve can be applied
among a plurality of phase generators. FI1G. 49 is a schematic
illustration of entrainment using mutually discrete signals
between two phase generators.

The differential equation for mutual entrainment is
expressed by formulas (5) through (7) below. FIG. 50 shows
a graph illustrating the differential equation of mutual
entrainment. As shown in FIG. 50, itis possible to graphically
determine the stability. Thus, by using a phase response
curve, it is possible to graphically realize with ease where the
stationary periodic solution is found among a plurality of
phase generators.

) [formula 30]

©

T, T
Folpl-a-awo] @

B-2-6. Phase Estimater Using a Neural Network

In the above described embodiment, the switches on the
soles are utilized to discretely estimate the phase of touch
down of one of the legs to be ®=0, for instance, and that of
touch down of the other leg to be ®=n in a walking motion.
However, it is not exquisitely accurate to estimate a discrete
event (phase) only by means of the switches on the soles. In
other words, the degree of confidence can be raised by esti-
mating the phases by means of not only the switches on the
soles but also other various state quantities. In this section, a
typical configuration of a phase estimator using a neural
network will be described.

A neural network is configured so as to output estimated
phase value @' on the basis of reading v of a sensor. As an
example, take linear model expressed by the formula below.
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n [formula 31]
¢ = Z wib;(v)
=1

In the above formula, wi is the load (parameter) of the i-th
network and bi () is the i-th basis function. For example,
radial basis functions as expressed by the formula below may
be used. In the formula below, n is the number of basis
functions.

b (v)=exp(-(v=v)) 'D(v-,) [formula 32]

In the formula above, vi is the central value of the i-th basis
function and D is the parameter for determining the size of the
basis function.

Now, let us consider a probability model realized by the
normal distribution expressed by the formula below, using the
output of a neural network.

[formula 33]
Piglv)=

202

L [ e-¢r
V2ro? P

In the formula above, 02 represents variance. A probability
model is obtained for the current phase by using the formula
above. Thus, if both ®a<®<db and P(®Iv)>a hold true, for
instance, it is possible to switch a controller. In the above
expressions, ®a and ®b represent phases for switching the
controller and a represents a threshold value.

It is also possible to configure a phase estimator by using a
probability model and through Bayes estimation. Firstly, as
an example, the prior probability of phase is expressed by the
normal distribution expressed by the formula below.

[formula 34]

) =

1 exp{_ (8 — ¢0)* }
v Zno% ZU—%

In the above formula, ®0 is the average phase output from
the phase output unit and o2 is the variance thereof. Addi-
tionally, the probability model for the sensor reading that is
predicted when a phase is given is expressed by the formula
below.

1 1 -1 [formula 35]
- 7T ,
PO )= (Zﬂ)d/2|2|1/zeXp{_§(v_v(¢)) > (v—v<¢))}

In the above equation, v'(®) is the function for outputting
the readings from the current phase and Z is the covariance
matrix of the readings. Then, the following equation is
obtained by Bayes estimation.

Pv| $)P($)
P(v)

[formula 36]
Piglv)=

Thus, if both ®a <®<Pb and P(®Iv)>a hold true, for
instance, it is possible to switch a controller. In the above
expressions, ®a and ®b represent phases for switching the
controller and a represents a threshold value.
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Itis also possible to use a mixed distribution as a technique
of expressing a more complex probability distribution.

B-3. Efficient Learning Algorithm for Biped Locomotion by
Model-Based Reinforcement [earning

A learning algorithm for biped robots will be described in
this section in order to comprehend the walk learning mecha-
nism of man and also realize an efficient walk by way of the
process of the learning algorithm. While a walking motion
can be expressed as a task for stepping forward for the next
step without falling, it is often not easy to obtain a teacher
trajectory for generating a stable walk. Therefore, reinforce-
ment learning is used as framework of learning in this
embodiment.

B-3-1. Biped Robot

A 5-link biped robot that is constrained to a two-dimen-
sional plane by means of support rods will be handled in this
section (see FIG. 51). The developed real robot has an
enhanced level of back drivability as a result of using direct
drive type motors as actuators. The identified physical param-
eters of the robot are listed in the table below.

TABLE 4
linkl  link2  link3  link4  links
mass [kg] 005 043 1.0 043 0.05
length [m] 0.2 0.2 001 02 0.2
inertia 175 429 433 429 175
(x 107 [kg - m])

For handling the issue of biped locomotion, the contact/
collision between the floor and the sole will be a problem. The
collision model that was used in the developed simulator is
expressed by the formula below.

F,=k(xgx)=b3, F,=k(z,~2)-b 2(if z<z,)

F,=0, F.=0 (if z=z,) [formula 37]

In the above formula, Fx and Fz respectively represent the
reaction force in the horizontal direction and the reaction
force in the vertical direction of the floor and x, z respectively
represent the horizontal position and the vertical position of
the toe, while xg represents the touch down point of the toe
and zg represents the height of the toe. A spring-damper
model is used to express the reaction force of the floor. A
position gain of kx=3,000 and a velocity gain of bx=30 are
used for the horizontal direction, whereas a position gain of
kz=500 and a velocity gain of bz=100 are used for the vertical
direction. For a horizontal ground contact model, xg=x is
used when Fx>cFz, where ¢=1.0 is the coefficient of static
friction.

B-3-2. Realization of Biped Locomotion by a Real Robot
Using a State Machine

Techniques that provide a basis for the leaning algorithm
will be discussed in this section. As the first attempt, a method
using a state machine [29] that has already obtained excellent
results as technique for building a walk controller is applied to
a real robot (see FIG. 51).

B-3-2-1. State Transition Diagram

For amethod using a state machine, it is necessary to define
states and conditions for transition. Definitions of states and
conditions are experimentally provided by using simulations
and areal hardware. FIG. 52 is a schematic illustration of state
transition of a real robot.

Referring to FIG. 52, State 1 is a double leg support state.
As the swing leg is lifted from the floor, transition occurs to
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produce State 2. State 2 is a state where the swing leg is swung
forward. As the toe of the swing leg passes by the toe of the
support leg, transition occurs to produce State 3. State 3 is a
state where the swing leg is stretched. As the upper body
passes over the support leg, transition occurs to produce State
4. State 4 is a state where the knee of'the slightly bent support
leg is stretched to kick the floor so as to inject energy. As the
swing leg touches down, transition occurs to return to State 1.
In this way, the left and right legs alternately operate as
support leg and swing leg.

B-3-2-2. Results of Experiment

FIG. 53 shows graphs illustrating joint angle trajectories in
a walk obtained by an experiment and FIG. 54 shows graphs
illustrating output torque trajectories obtained by the experi-
ment. FIG. 55 is a schematic illustration of the recorded walk
pattern that is obtained by using a real hardware (walk pattern
of a real robot, (left column): the left leg is the support leg,
(right column); the right leg is the support leg, the walk
progresses from above to down).

B-3-3. Estimation of Walk Period

A dynamic biped locomotion using a state machine is
described in the immediately preceding section. However, a
state machine using the same parameters may not be able to
deal with changes in the environment. Adaptability to the
environment of a walk controller will be discussed in this
section.

FIG. 56 is a schematic illustration of an animal experiment
using a cat. The left side illustration of FIG. 56 shows a walk
adaptation experiment of a cat. Only the left forward tread-
mill can change its speed. The right illustration of FIG. 56
shows a model of cerebellum and CPG. In the illustration, CF
denotes the climbing fiber. The CF receives feedback from the
CPG. The experiment suggests that the cerebellum partici-
pates in altering the parameters of the central pattern genera-
tor (CPG) [30]. It is believed that the learning of the brain is
generally a supervised learning, using error signals transmit-
ted by the climbing fiber [31]. There is a report that firing
frequency of the climbing fiber remarkably increases in an
adaptation experiment that requires alterations to the CPG
parameters [30]. In view of the above knowledge, it may be
safe to say that the subject is getting some sort of error signals
for altering the CPG parameters through interactions of the
walking subject and the surroundings.

While it is not clear what error signals are actually
involved, the inventors of the present invention came to an
idea of detecting errors by way of the walk period. Let us
make the walk period of the walk trajectory generator adapt to
the dynamic system of the subject by using information from
the surroundings. The angular frequency w* for realizing the
target walk period is led from the period that is required for a
real walk to obtain the formula below.

[formula 38]

Thus, the error signal is expressed by the formula below.

E:w*—(;),, [formula 39]

In the formula above, (on is the angular frequency esti-
mated for the n-th step. Thus, the updating rule of angular

frequency is expressed by the formula below.
03n+1:03n+K(03*—03) [formula 40]

A biped robot model with a simple 3-link configuration as
shown in FIG. 57 is used to verify the above described tech-
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nique. The employed controller is made to follow a periodic
target trajectory as expressed by the formula below.

©,;=k(c sin §-0,)-5b6,

T, =k(-a sin q)-e,)-bé, [formula 41]

In the formula above, Tl and tr are respectively the torque
applied to the left leg and the torque applied to the right leg
and k=5.0 and b=0.1 are respectively the position gain and the
velocity gain, while 81 and Br are respectively the angle of the
left leg and that of the right leg. The estimated current phase
is expressed by ®=mw(hat) t, where t is the current clock time.

B-3-3-1. Results of Simulation

Firstly, an experiment was conducted by simulation for a
case where the walk period was not estimated. Appropriate
initial conditions (initial speed of 0.2 [m/s] in the moving
direction) were given and initial values (T=0.42 [sec], ®0=15
[rad/sec]) were selected for a walk period that is good for a
walk on a flat floor (angle of gradient=0). When the robot was
made to walk on an uphill (3 degrees) and then on a downhill
(4 degrees), it stumbled and fell before it walked by 10 steps
on each slope.

When, on the other hand, the walk period was estimated,
the robot could continue walking on the above described
slopes. Note, however, the above angles of gradient indicate
the limits for the robot to continue walking when the walk
period is estimated. When the angles of gradient exceed the
above respective limits, the robot cannot deal with the slopes
only by estimating the walk period.

B-3-4. Acquisition of Walking Motion by Using Reinforce-
ment Learning

From the above, it will be seen that a stable walk can be
obtained by making the periodic walk trajectory match the
timing of the dynamic system of the environment. However,
there is no means for modifying the walk trajectory. A method
of learning a trajectory that makes a robot become able to
walk by using a framework of reinforcement learning will be
discussed in this section for an occasion where the robot
cannot walk stably with an initially given walk trajectory. A
framework similar to that of the state machine described in
B-3-2is used for the model proposed here. Additionally, since
the conditions for transition are given in terms of phase, the
method of estimating the walk period described in the imme-
diately preceding section is also applicable.

With the technique proposed in this section, parameter
updating and behavior decision are realized on two poincare
sections (on phases ®=m/2, ®=37/2) on the walk trajectory.
As shown in FIG. 58, the walk trajectory is expressed by
means of four intermediate attitudes (routing points) (only
parameter updating and behavior selection are realized on the
poincare cross sections at phase ®=n/2, ®=37/2). However, it
should be noted that it is only necessary to determine two
intermediate attitudes because of lateral symmetry. This
framework indicates that the conditions of state transition of
the state machine is determined by means of phase (state
transition is made to take place at phases =0, &=n/2, d=n
and ®=3m/2 as shown in FIG. 58). A technique of using the
output of Matsuoka’s oscillator [2] for the condition of state
transition is also proposed as similar framework and suc-
ceeded in an application to quadruped robots [32]. The pro-
posed technique may be regarded as trajectory generating
method using four intermediate attitudes as routing points
[33].

Now, a learning technique will be designed by using the
model. The state of the input x to the learning organ is made
to include the displacement of the upper body from the toe of
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the support leg and the acceleration component. FIG. 59 is a
schematic illustration of a definition of a state for learning
(left) and a definition of behavior (right). In short, an expres-
sion of a state that corresponds to an inverted pendulum that
uses the support leg as support point is used here. As shown in
FIG. 59, the output of the learning organ is the target angle of
knee joint of the swing leg that corresponds to selection of the
touch down point of the swing leg.

B-3-4-1. Model-Based Reinforcement [earning Method

Reinforcement learning using a model [34, 35] will be
briefly described in this section. If a model of the object of
control is already known, it can be used for reinforcement
learning. However, it is assumed here that such a model is not
known. Then, it is necessary to learn a model of the object of
control. Thus, firstly a method of leaning a model will be
described here.

Model Learning:

A model of the object of control can be obtained within a
framework of supervised learning. Learning a dynamics
model by using the technique of this embodiment means
acquiring a mapped state x from phase 7/2 to phase 37t/2 (and
also from phase ¢=37/2 to phase ®=mr/2 because of symme-
try). Discrete time dynamics is expressed in a manner as
shown below. Let us consider about approximation using a
function approximater.

X3g = flxn, un) [formula 42]
3 173

In other words, a function approximater having parameter
m that is expressed by the formula below is employed to
estimate the dynamics. A state at a discrete time as shown
below can be used for a training signal.

= . [formula 43]
Jlog,ug) = J ey, ugsm)

Leaning a Value Function:

The objective of reinforcement learning is to acquire a
behavior rule that maximizes (or minimizes) the sum of the
rewards (or punishments) received at respective times by way
of a series of behaviors. In other words, if the reward received
at time T is r(T), the behavior rule is updated so as to maxi-
mize the expected value (referred to as value function) of the
accumulated reward defined by the formula below, where y
(0=y=1) represents the discount rate.

V(T)=E [r(T+ ) +yr(T+2)+y>r(T43)+ . .. ] [formula 44]

The problem here is how to estimate the value function by
way of leaning and update the behavior rule by using it. Let us
consider here about approximating the value function by
means of a function approximater that uses a continuous
function, using the formula blow.

f/(x): f/(x; v) [formula 45]

In the above formula, v represents the parameter vector of
the function approximater. The deviation from the relation-
ship between the reward and the value function that satisfies
the above formula [formula 44] is expressed by the formula
below and referred to as temporal difference error (TD error).

ST=r(T+1)+y (T 1)- (D) [formula 46]
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The value function is updated in a manner as expressed by
the formula below, using the above error. Note, however, that
[=0.2 is the learning rate, which has to be defined as param-
eter.

(1)< Vx(D)+BO(T) [formula 47)

Learning Behavior Rule:

The estimated model and the value function are used to
update the behavior rule. The procedure for updating the
behavior rule is shown below.

(1) Estimate the state at the next clock time (phase) by using
the current behavior rule and the estimated model.

(2) Compute the gradient 3V/3x of the value function in the
state at the next clock time (phase).

(3) Compute the gradient 3f/du for the input of the model in
the state at the next clock time (phase).

(4) While it is desirable to update the behavior rule so as to
allow a transition of state to the gradient 3V/3x of the value
function to take place, it is not possible to allow such a
transition to take place within a discrete time of a step by a
control input. Therefore, a mapping operation is performed
inadirection that allows the control input to do so by means
of the gradient 2f/du for the input of the model. In other
words, update the behavior rule in the direction of a
dV/ax-afiau.

- - v o
UK(T)) = W) + 0 2=

[formula 48]

In the above formula, 0=0.2 is the learning rate, which has
to be defined as parameter.

As function approximater, receptive field weighted regres-
sion (RFWR) [23] is used.

Results of Experiment:

The above-described technique was used for a 5-link
model as shown in FIG. 51 and verified by means of simula-
tion. However, a target trajectory was prepared separately for
an initial step.

FIG. 60 shows graphs illustrating exemplary walk trajec-
tories during a learning session (25th try). The output for the
target angle of the knee joint of the swing leg at the time of
touch down shows dispersion because of a searching action.
The target angle of each joint shows a smooth continuation
because the output target attitude is interpolated by a trajec-
tory using a minimum jerk criterion (spline of the 5th order).
Such a technique is proposed by Wada et al. [33] and also by
Miyamoto et al. [36]. A stable walk was acquired after about
50 tries. FIG. 61 shows graphs illustrating stable walk trajec-
tories after a learning session. The knees were bent relatively
to a large extent and subsequently extended to kick the floor
for the first four steps or so in order to inject energy and
prevent falling.

FIG. 67 shows the walk trajectory before the learning in the
top row and the walk trajectory after 30 tries in the middle
row. FIG. 68 shows the accumulated reward at each try.
Acquisition of walk is defined as success in walking 50 steps.
As a result of five experiments, a walking motion was
acquired after 80 tries in average. FIG. 67 shows the acquired
walk trajectory in the lower row.

FIG. 69 shows the value function acquired by simulation.
From FIG. 69, it is possible to draw the following qualitative
conclusion. (d, d)=(-0.2, —1.0) or the support leg is located
forward and the hip joint shows a backward velocity so that
the robot is apt to fall backward. At this time, the value
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function shows a small value. When (d, d)=(0.0, 0.5) or the
support leg is on the line perpendicular to the hip joint and
shows a forward velocity, the value function shows a large
value. In other words, when the robot is moving forward, the
value function shows a large value. From above, it will be
understood that a qualitatively reasonable value function is
acquired.

The proposed technique was applied to a real hardware.
FIG. 70 shows a walking motion of the robot before learning.
It will be seen that the robot fell within few steps. FIG. 71
shows a walling motion after learning. After about 50 tries,
the robot could acquire a steady walk motion. Normally, in a
multi-degree freedom system learning such as walk, hun-
dreds to tens of thousands tries are required before the learn-
ing of a real hardware converges and hence it is practically
impossible to verify the learning of a real hardware. To the
contrary, with the above described technique, the learning of
the robot converged after about as small as 50 tries, which is
apractical number for a real hardware. Thus, the effectiveness
of the technique is proved. FIG. 72 shows the value function
acquired as a result of the experiments using a real hardware.
Itwill be seen that the profile of the function resembles that of
the result of the simulation shown in FIG. 69.

For the purpose of verifying the adaptability of the robot to
changes in the environment, the robot was driven to walk inan
environment where a slope is found by using the controller
acquired as a result of the learning. The robot was tested by
modifying the slope stepwise, increasing the gradient by 0.1
degrees each time. It was found that the robot can walk stably
onan uphill with a gradient of not greater than 0.6 degrees and
onadownhill with a gradient not greater than 0.2 degrees. The
period of the walk was made equal to T=0.79 [sec] (v=8.0
[rad/sec]). The results are substantially same as those
obtained by using a real hardware as described in B-4-2.

B-3-4-2. Application of Walk Period Estimation Method

The potential of application to changes in the environment
was tested as described in the immediately preceding section.
The robot can hardly adapt itself to uphill with a large gradi-
ent presumably because it cannot generate an ankle torque.
The robot cannot adapt itself to downhill either presumably
because the defined walk period does not match the dynamics
for downhill. However, the learning method of this embodi-
ment uses the phase as condition for transition, it is possible
to use the walk period estimation method described in detail
in B-3-3. Therefore, an adaptability experiment was con-
ducted by simulation, using the walk period estimation
method. A downhill of 1.5 degrees was selected for the envi-
ronment. Then, the robot succeeded in walking stably at the
eighth try after repeated failings in the preceding seven tries.

B-3-4-3. Analysis of Acquired Behavior Rule

The stability of the discrete dynamics produced by the
behavior rule that is acquired in the poincare cross sections
respectively at phase ®=mn/2, ®=37/2 as shown in FIG. 58 will
be verified in this section. The Jacobean eigen-values of the
discrete dynamics at the respective poincare cross sections
areused for the verification method [37, 38]. It can be said that
the period trajectory is stable if each of the eigen-values Ai is
ILi(J)I<1. Since continuous functions are used to express a
dynamics model and a behavior rule for the technique of this
embodiment, it is possible to analytically obtain Jacobean
matrix J as expressed by the formula below.
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af du(x)
Au ox

[formula 49]

T dx  ox

,_df_of

However, note that, only a rough expression is used to say
that a searching behavior is taken in learning and the dynam-
ics takes only the input state x in FIG. 59 into consideration as
state. Thus, the accuracy of approximation of the dynamics
can be low near the stable walk trajectory. Therefore, the
robot was driven to walk 50 steps by simulation and the model
was updated only during the stable walk. FIG. 62 shows the
obtained changes in the eigen-values. It will be seen that the
eigen-value of the Jacobean matrix becomes less than 1 as the
model error decreases. At this time, the behavior rule was not
updated. In other words, it was confirmed that the learnt
behavior rule can generate a stable walk period from the
computation of the eigen-values.

Stability of the controller obtained by the experiment using
a real hardware was examined as in the case of using a
simulation. The average of the eigen-values in each try was
determined by using the formula 49 and shown in FIG. 73. It
will be seen from FIG. 73 that the eigen-values decreases to
ultimately become less than 1 as the learning proceeds. Thus,
it was confirmed that the behavior rule learnt by the real
hardware in the experiment could generate a stable walk
period by computing the eigen-values.

[Addendum]

The present invention is described above in detail by refer-
ring to specific embodiments. However, it may be clear to
those skilled in the art that the present invention is not limited
to the described embodiments, which may be modified and
altered without departing from the scope of the present inven-
tion.

The present invention is not limited to products referred to
as “robots”. In other words, the present invention is applicable
to mobile machines and other general devices that show
motions resembling those of man by utilizing electric or
magnetic effects if such products belong to industries other
than the robot industry such as toys.

In short, the present invention is described here only by
way of embodiments and the present invention is by no means
limited to the description of the letter of specification. The
present invention is defined only by the appended claims.
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What is claimed is:
1. A robot having a plurality of movable sections, the robot
comprising:

phase signal generating means for generating a phase sig-
nal relating to a periodic motion of at least part of the
movable sections;

control means for generating a control signal for the mov-
able sections according to the phase signal;

drive means for driving the movable sections according to
the control signal;

state quantity detecting means for detecting the state quan-
tities of the movable sections driven by the drive means;
and

estimation means for estimating the phase or the angular
frequency of the periodic motion of the movable sec-
tions according to the state quantities;

the phase signal generating means being adapted to update
the phase signal according to the phase or the angular
frequency estimated by the estimation means, wherein

the control means includes a plurality of controllers having
different control rules and selects an appropriate con-
troller according to the phase signal and the selected
controller generates a control signal for the movable
sections according to the phase signal; wherein

the robot includes movable sections regarded as doing a
periodic motion and those not regarded as doing a peri-
odic motion, the robot further comprising
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second control means for generating a control signal
according to a control rule for the movable sections not
regarded as doing a periodic motion; and

coordinating means for coordinating the control quantities
from the control means and the second control means in
order to realize a coordinated motion for the entire robot.

2. The robot according to claim 1, wherein the movable
sections have one or more than one joints and the state quan-
tity detecting means detects the angle and the angular velocity
of the joint or each of the joints as state quantity, while the
estimation means estimates the phase or the angular fre-
quency relating to the periodic motion of the joint or each of
the joints according to the angle and the angular velocity of
the joint or each of the joints.

3. The robot according to claim 1, wherein the robot has a
plurality of movable legs as the movable sections and the state
quantity detecting means detects the floor reaction force
received by each of the soles of the movable legs as state
quantity, while the estimation means estimates the phase or
the angular frequency of the periodic motion of each of the
movable sections according to the reaction force of the floor
received by the sole of each of the movable legs.

4. The robot according to claim 1, wherein the robot has a
plurality of movable legs as the movable sections and the state
quantity detecting means detects the friction force received
by each of the soles of the movable legs from the floor in the
moving direction or in a direction perpendicular to the mov-
ing direction as state quantity, while the estimation means
estimates the phase or the angular frequency of the periodic
motion of each of the movable sections according to the
friction force received by the sole of each of the movable legs
from the floor.

5. The robot according to claim 1, wherein the robot has a
trunk section and the state quantity detecting means detects
the gradient of the trunk section as state quantity, while the
estimation means estimates the phase or the angular fre-
quency of the periodic motion of each of the movable sections
according to the gradient of the trunk section.

6. The robot according to claim 1, wherein the state quan-
tity detecting means detects the acceleration of the robot or
each of the movable sections as state quantity and the estima-
tion means estimates the phase or the angular frequency of the
periodic motion of each of the movable sections according to
the acceleration.

7. The robot according to claim 1, wherein the estimation
means resets the phase relating to the periodic motion of the
joint or each of the joints in response to the occurrence of a
predetermined event.

8. The robot according to claim 1, wherein the estimation
means learns a training signal relating to the state quantity
detected by the state quantity detecting means and the fre-
quency of each of the movable sections and estimates the
phase or the angular frequency according to the learnt training
signal.

9. The robot according to claim 1, wherein the estimation
means is constituted by a neural network adapted to output the
phase or the angular frequency relating to the periodic motion
of'each of'the movable sections according to the state quantity
detected by the state quantity detecting means.

10. The robot according to claim 1, wherein

the robot includes a plurality of movable sections regarded
as doing a periodic motion and the control means pro-
vides each of the movable sections regarded as doing a
periodic motion with a controller,
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the robot further comprising coordinating means for coor-
dinating the control quantities from the controllers ofthe
movable sections in order to realize a coordinated
motion for the entire robot.

11. An attitude control method of a robot having a plurality
of movable sections, the method comprising:

a phase signal generating step of generating a phase signal
relating to a periodic motion of at least part of the mov-
able sections;

a control step of generating a control signal for the movable
sections according to the phase signal;

a drive step of driving the movable sections according to
the control signal;

a state quantity detecting step of detecting the state quan-
tities of the movable sections driven in the drive step; and

an estimation step of estimating the phase or the angular
frequency of the periodic motion of the movable sec-
tions according to the state quantities;

the phase signal generating step being adapted to update
the phase signal according to the phase or the angular
frequency estimated in the estimation step, wherein

the control step including a plurality of control sub-based
on different control rules, selects an appropriate control
sub-step according to the phase signal and generates a
control signal for the movable sections according to the
phase signal from the selected control sub-step; wherein

the robot includes movable sections regarded as doing a
periodic motion and those not regarded as doing a peri-
odic motion, the robot further comprising

a second control step of generating a control signal accord-
ing to a control rule for the movable sections not
regarded as doing a periodic motion; and

a coordinating step of for coordinating the control quanti-
ties from the control step and the second control step in
order to realize a coordinated motion for the entire robot.

12. The method according to claim 11, wherein the mov-
able sections have one or more than one joints and the state
quantity detecting step is adapted to detect the angle and the
angular velocity of the joint or each of the joints as state
quantity, while the estimation step is adapted to estimate the
phase or the angular frequency relating to the periodic motion
of'the joint or each of the joints according to the angle and the
angular velocity of the joint or each of joints.

13. The method according to claim 11, wherein the robot
has a plurality of movable legs as the movable sections and the
state quantity detecting step is adapted to detect the floor
reaction force received by each of the soles of the movable
legs as state quantity, while the estimation step is adapted to
estimate the phase or the angular frequency of the periodic
motion of each of the movable sections according to the
reaction force of the floor received by the sole of each of the
movable legs.

14. The method according to claim 11, wherein the robot
has a plurality of movable legs as the movable sections and the
state quantity detecting step is adapted to detect the friction
force received by each of the soles of the movable legs from
the floor in the moving direction or in a direction perpendicu-
lar to the moving direction as state quantity, while the esti-
mation step is adapted to estimate the phase or the angular
frequency of the periodic motion of each of the movable
sections according to the friction force received by the sole of
each of the movable legs from the floor.
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15. The method according to claim 11, wherein the robot
has a trunk section and the state quantity detecting step is
adapted to detect the gradient of the trunk section as state
quantity, while the estimation step is adapted to estimate the
phase or the angular frequency of the periodic motion of each
of'the movable sections according to the gradient of the trunk
section.

16. The method according to claim 11, wherein the state
quantity detecting step is adapted to detect the acceleration of
the robot or each of the movable sections as state quantity and
the estimation step is adapted to estimate the phase or the
angular frequency of the periodic motion of each of the mov-
able sections according to the acceleration.

17. The method according to claim 11, wherein the esti-
mation step is adapted to reset the phase relating to the peri-
odic motion of the joint or each of the joints in response to the
occurrence of a predetermined event.

18. The method according to claim 11, wherein the esti-
mation step is adapted to learn a training signal relating to the
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state quantity detected in the state quantity detecting step and
the period of each of the movable sections and estimate the
phase or the angular frequency according to the learnt training
signal.

19. The method according to claim 11, wherein the esti-
mation step is realized by a neural network adapted to output
the phase or the angular frequency relating to the periodic
motion of each of the movable sections according to the state
quantity detected in the state quantity detecting step.

20. The method according to claim 11, wherein

the robot includes a plurality of movable sections regarded

as doing a periodic motion and the control step includes
control sub-steps that correspond to respective movable
sections regarded as doing a periodic motion,

the method further comprising a coordinating step of coor-

dinating the control quantities from the control sub-steps
for the respective movable sections in order to realize a
coordinated motion for the entire robot.
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